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Abstract

We study the relation between mutual fund managers’ family gnagckds and their professional
performance. Using hand-collected data from individual Census reoortise wealth and income of
managers’ parents, we find that managers from poor famiiidged higher alphas than managers from
rich families. This result is robust to alternative swgas of fund performance, such as benchmark-
adjusted return and value extracted from capital marke¢sakyue that managers born poor face higher
entry barriers into asset management, and only the most skiltegex. Consistent with this view,
managers born poor are promoted only if they outperform, while thoseribbrare more likely to be
promoted for reasons unrelated to performance. Overall, we establifststhink between family descent

of investment professionals and their ability to create value.
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In the majority of financial decisions, shareholders deledatasion rights to professional managers.
Thus, one of the most important tasks of shareholders isldot ke most capable and hardworking
managers as their agents. Inferring managerial type exsadballenging. For example, the majority of
CEOs at S&P1500 firms have no prior CEO experience. Yetndive costs of replacing managers, this
task is of first-order importance for economic outcomes in all publicsfir

We provide evidence that public information about a managenslyfadescent serves as a
powerful signal of managerial ability in professions with highibesrto entry. We exploit the fact that
individuals are endowed with different opportunities at birth asda result, face different entry barriers
into managerial roles. For example, some of those born richh@zome managers without being skilled,
with the help of their inherited status, wealth, or professional nesyagkin the extreme case of the heirs
of family-owned firms. In contrast, those born poor face higheaidrarto entry into management, and
only the relatively high types exceed them and advance in a selectivespyofe

Delegated asset management provides a convenient settingthistestection mechanism. First,
because this is a service industry requiring professionaffigaabns, barriers to entry are steep. Second,
in contrast to industrial firms where decisions are made by da#enmnagers and implemented by
thousands of employees, fund managers have the principal authorith@¥end’s portfolio. Third, fund
managers perform standardized professional tasks withinlalefimed investment universe, and their
outcomes are easily comparable in the time-series and-sgossn. In contrast, many corporate
decisions are not standardized, and the investment opportunity sgtically unobservable. Finally,
mutual funds account for over a half of financial wealth of theageshousehold, and the performance of
money managers affects the majority of U.S. investors, indicatingstiguef broad public interest.

This paper studies the relation between mutual fund managarslyfdescent and their
professional performance. To identify managers’ family chartics, we hand-collect data on the
households where the managers grew up by examining individual cexsusls compiled by the
National Archives. These records provide detailed informatioth@income, home value, and education
of a manager’s parents during his childhood, as well as other demographitesisics:

We provide the first descriptive evidence on the family deso&nbvestment managers and

document a sizable variation in their social backgrounds. In general, fund msacage from well-to-do



families compared to the national or state benchmarks. The miedi@ame of managers’ fathers is at the
87" percentile of the national distribution. The median value of ashehere a fund manager grew up is
154% greater than the respective state median. At the sareg ttisre is a wide variation in the
managers’ endowed family wealth. While the top quintile of maisagerted on parents’ wealth come
from ultra-rich families with the average income in th& @8tional percentile, the bottom quintile come
from families with incomes below the national average(#2rcentile). Furthermore, fund managers
tend to come from well-educated families, and the wealth of teager’'s parents predicts the type of
education the manager receives. The median manager’s lfehesix more years of education than the
median adult male in the general population. Managers from weditmdélies attend more expensive
universities, and the tuition for the manager’s collegmasmotonically increasing in family wealth. In
contrast, managers from poor families are more likely to pugsaduate education and earn terminal
degrees, the pattern consistent with differential barriers to.entry

Our main finding is that fund managers from wealthy familiekvele significantly weaker
performance than managers from less wealthy families. Forp@amanagers from families in the top
quintile of wealth underperform managers in the bottom quibtilep to 1.22% per year (significant at
1%) on the basis of the four-factor alpha. Similar results hmigliternative measures of performance,
such as benchmark-adjusted fund returns and the dollar valuetedtfeom capital markets, a measure
developedn Berk and Van Binsberg¢015)to accommodate diminishing returns to scale in investment.

Our analysis accounts for a comprehensive set of controls wiogl for the quality and type of
the manager’s education and demographics, his parents’ education, andntunmdanagement firm
characteristics. While it is not feasible to control fdir @otentially relevant effects, most omitted
variables, such as professional connections or access tmation, should favor the outperformance of
the rich. Therefore, such variables are unlikely to explain @utse Consistent with this view, we find
that the performance gap between managers from wealthy and pubedegets bigger as additional
controls are added to the regression. Likewise, the resultsmbkely to be driven by differences in risk
attitudes, since our analysis focuses on risk-adjusted penficenin addition, we control for fund return
volatility and skewness in all the regressions. Although our @adysis is restricted to older managers

due to census data constraints, we verify the robustness wietith-performance relation for younger



generations of managers using the university tuition as & poixy for wealth. The negative relation
persists in the general sample, albeit with a smaller magnitude andrvséatistical significance.

Next, we investigate whether the wealth signal is stromgtra presence of additional barriers to
entry into asset management,pasdicted by the selection mechanism. We exploit both crossisaict
and time-series variation in selection stringency. In pdaticwe investigate the effect of the manager’'s
immigrant status and labor market conditions at the timeiotareer start. For managers descending
from immigrant families, where both parents are born outsidéJie the sensitivity of performance to
wealth is stronger than in the general sample. For managerdegno their career in the mutual fund
industry in years of high unemployment, the sensitivity of perfaomato wealth is also higher: it
increases by 39% for every percentage point increase in the unemploymémthatyear of entry.

We study the mechanisms behind the documented performance gap amek éwj non-
mutually exclusive channels that may contribute to the perforndiffeeential: (i) effort and (ii) ability.
The first channel posits that managers from poor backgrounds remest effort because they obtain
higher marginal utility from incentive pay under the assumptiosm declining marginal utility of wealth.
The second channel posits that managers from poor backgrounds hgherarhiate ability, since only
high-ability managers are able to overcome stringent selection.

Both channels are likely operative in our setting. Consistéhtthe effort channel, we find that
managers from less wealthy families are more activénenob: they trade more frequently, have shorter
holding horizons, and are less prone to herding. For example, agquintde-range reduction in family
wealth increases the fund’s annual turnover by 4.5% relative tavérage unconditional turnover in the
sample. Next, we exploit an exogenous increase in managerighvieah inheritances, proxied by
deaths of wealthy parents. As predicted by the effort chaneeflefiths of rich parents are followed by a
weak decline in a manager’s portfolio activity. This resultiba@lfter skipping a one-year window around
the death events to account for distractions and grievance. satte time, we find that the performance
gap does not diminish with the managers’ career progressionsigaagers born poor accumulate
personal wealth), suggesting that response to incentives alone cannat #larformance differential.
Overall, while both the effort and ability channels likely ciimitte to the performance gap, their effect is

observationally equivalent from the perspective of an investor irgerestotal fund returns.



Next, we decompose investment performance into market timing andtgeselection, using the
methods developed in Kacperczyk, Van Nieuwerburgh, and Veldkamp (2014)nd\eat the relative
underperformance of the managers from wealthy families iseotrated in security selection. An
interquartile-range decrease in family wealth improvesstbek-picking component of fund returns by
39% relative to its unconditional mean. We find no difference in the mémkiey component of returns.

Overall, our evidence is consistent with the idea thatagers endowed with family wealth face
less stringent performance thresholds in their career pedgnédn an analysis of managers’ careers, we
find that while strong performance increases promotion chafwesll managers, this relation is
significantly weaker for managers from wealthy familils other words, managers born rich are more
likely to be promoted for reasons unrelated to performance. Amua#ie-range increase in family
wealth nearly mutes the unconditional promotion-to-performance seysilivcontrast, the advancement
of managers from poor families is strongly dependent on their performance.

In our final analysis, we test whether mutual fund investofer managerial ability from
managers’ familial backgrounds and find little evidence they tlo. Fund capital flows are only weakly
negatively related to the manager's family wealth, and dffesct is entirely subsumed by the effect of
fund performance. It appears that fund investors are unlikely topoiaie incremental information on
the fund manager’s background into their investment decisions.

The central contribution of this article is to provide thetfevidence on how the family descent
of investment professionals signals their ability to createev Our findings contribute to research on (i)
managerial characteristics that predict professional perfoeremt (ii) the effect of endowed wealth and
social status on an individual's career progression.

We add to a small number of papers in asset managemeitethigfly the characteristics of fund
managers that predict their performance. So far, this literdtas focused on the role of managers’
education. Chevalier and Ellison (1999) find that fund managers whadedtecolleges with higher
average SAT scores deliver superior risk-adjusted returnd,ia@thang, and Zhao (2011) find similar

evidence for hedge funds. Cohen, Frazzini and Malloy (2008) shdawfuihé managers’ educational

! Bowles, Gintis, and Osborne (2005) provide a cahensive review of the research in sociology onriie of parental
economic status on individuals’ careers and thecsted survival mechanisms.



networks yield valuable information that improves performanamimected stocks. Chaudhuri, Ivkayvi
Pollet, and Trzcinka (2016) find that investment funds managdehbygraduates deliver superior risk-
adjusted performance and charge lower fees. In contrastaiovpork, we show how an individual’s
endowed wealth serves as a screening mechanism of managetigl. Our paper is among the first in
the investment literature to emphasize the signaling of manhgeaility based on selection.

We also extend the literature on the effect of an individdahsily environment on subsequent
economic outcomes. So far, this research has focused mostly oooti@méc behavior of individual
households. For example, using data from a field experiment, Chesy @011) find that a child's
access to education predicts college attendance, earningsetaethent savings. In two studies of
Swedish twins, the socioeconomic status of an individual's panefgs explain future savings behavior
(Crongvist and Siegel 2015) and preferences for value or grosgkssfCrongvist, Siegel, and Yu 2015).
In contrast to studying households’ personal decisions, we providenee on sophisticated financial
intermediaries whose professional choices have large welfatieations for millions of households.

More broadly, our paper is related to the literature atrite¥section of labor markets and social
economics. A number of studies find that an individual's income and ha@idket success are, to a large
extent, determined by his parents’ income, revealing surplydiog levels of inter-generational mobility
in the U.S. (Mazumder 2005; Dahl and DelLeire 2008; Chetty et &)20h a nationally representative
sample, Reeves and Howard (2013) find that individuals born intdaiohies end up in high-income
professions even if these individuals are of mediocre qualityeasumed by tests of cognitive ability and
intrinsic motivation. The authors find that 43% of those born iatuilfes in the top income quintile
remain in the top quintile jobs against the predictions oftglsliores and conclude: “Those born into
more affluent families may be protected from falling by kasg floor,” even if they are only modestly
skilled.” Our paper demonstrates that such labor market figctan affect important financial outcomes

and the wealth of U.S. investors.



1. Data and sample construction

We begin our sample construction with the universe of U.S.-dimianutual funds covered by
Morningstar in 1975-2012We include both defunct and active investment products (fuene stesses),
ensuring that any fund ever appearing in the Morningstar databasg dur time period is present in the
initial sample. To ensure an equitable comparison basis fortinges managers, we restrict our sample
to domestic actively managed funds specializing in U.S. equity etkelading international funds, index
funds, and funds specializing in bonds, commodities, and alternatiseciassed To establish a clean
correspondence between a fund manager’'s decisions and performaroraesitwe exclude funds that
are always managed by a team of managers during our samiplé. Mée also exclude observations in
which the manager is linked to more than five funds (i.e., “figurehead” ma)ager

For each fund that passes the initial filters, we obtainhistorical management data from
Morningstar, which details the name of the manager and himgtartd ending dates (months) in a fund.
Patel and Sarkissian (2016) describe the Morningstar datasketdil and explain its advantages with
respect to fund manager records. To provide a sufficient perioev&duating managerial performance,
we limit our sample to managers with at least 24 montiyrn observations. For the 1,762 managers
who pass these initial criteria, we initiate the data collectionggsodescribed below.

First, we obtain managers’ education and employment histories fin@in biographies in
Morningstar and FactSet and verify them against the employreeatds in the Nelson’s Directory of
Investment Managers. We complement our data on managers’ eduadt records from university
alumni publications and archived university yearbooks available &mmeastry.com. In some cases, when
information about a manager’s degree is missing, we contacedistrars of the university attended or
the National Student Clearinghouse, a degree-verification semiovider. We supplement this
information with data on the quality of the educational institut@wvefage SAT score of the entering

class), its competitiveness (undergraduate acceptance ré&aejahility (annual tuition), and elite status

2 Even though some funds have return series dating to 1960, the data on net assets are generlivailable before 1975.

3 This filter excludes index funds, funds whose WB&ad Asset Class is not “U.S. Stock”, funds fdriah Morningstar equity
style classification is not available, and fundatthave sector restrictions or specialty focus 6@ldCategory includes the word
“Sector” or Prospectus Objective includes the w&plecialty”).



(lvy League indicator). This information is obtained from the €yl Handbook of the College Entrance
Examination Board, and most variables are based on the 2004 edition due to sufzesaitibility”

Second, we match fund managers to the Lexis Nexis Public Recaatsasia (LNPR). This
database aggregates information on nearly 500 million U.S. chdilg (both alive and deceased) from
sources such as birth and death records, property tax assessnwds, voting records, and utility
connection records. Prior research in finance has relied on thisade to obtain personal data on fund
managers (Pool, Stoffman, and Yonker 2012; Pool, Stoffman, Yonker, and Zhang @@pdrate
executives (Crongvist, Makhija, and Yonker 2012; Yermack 2014), aaddial journalists (Ahern and
Sosyura 2015). All personal records in the database are linkbd todividual's social security number
(observable with the exception of the last four digits) andassggned a unique ID. Using a manager’s
full name, age, and employment history, we establish reliable nsatoheNPR for 1,670 (94.8%) of
managers from the initial sample. Appendix 1.A details our mvagcand verification procedure. The
5.2% of unmatched managers are those who live abroad and do net $@oial security number (funds
delegated to a foreign subadvisor) and those who have the most cormmioimations of first and last
names (e.g., Robert Jones or John Miller) and no other information togstablinambiguous match.

Next, we proceed to the main stage in our data collection—egixiggpersonal census records for
the households where fund managers grew up. Our sample constrsctgpided by regulatory
constraints imposed on disclosures of individual census records). Bheublic law prohibits the release
of individual decennial census records with personally identéfiaiformation for 72 years after these
records are collected (92 Stat. 915, Public Law 95-416; Oct. 5, 1978). Because eydae mdratorium,
the latest decennial census with personally identifiablermdton available at the time of writing is the
1940 federal census (and any earlier censuses), which casstitut main data source. Appendix 2
shows the census form presented to households and provides an example of accéomplete

To ensure that the census record provides an accuraeticefl of a manager’s endowed social

status at birth, we restrict our sample to managers bomtefore 1945. Thus, we allow for a maximum

4In the subsample of universities covered in bdta 1979 and 2004 editions, the cross-sectionakeletion between the
corresponding variables consistently exceeds 85#gesting that measurements based on 2004 valmesrealid in the cross-
section of institutions. For example, the correlatbetween the median SAT score (undergraduat&ie-giition) of 1979 and
2004 is 86.5% (95.8%).



delay of five years between the measurement of family wealth and theeriarsgh. This filter restricts
the sample to 434 managers. After investigating the mandggckgrounds, we find that 18 of these
managers were raised outside the U.S. and, as a resultathiies were not covered in the U.S. census.
After eliminating these cases, we end up with 416 managers with potentsalscrecords.

We follow a three-step algorithm to identify a manager’s hoalsein the census by sequentially
checking three types of state records—birth, marriage, and-d&atlthe manager and his relatives. To
ensure a reliable match to the census, we require estagliahinanager's parents and, in some cases,
siblings. This criterion nearly eliminates the possibilityac$purious match, because the census record
identified in this process contains the unique combination of the mésgarents and siblings who are
further verified based on their year of birth. Appendix 1 dessrhow we identify the manager’s parents
and siblings and provides examples of birth, marriage, death, andargbiecords used in the data
collection. In our final step, we use the combination of the nefseparents and siblings to identify the
family’s record in the 1940 census (for a small subset of oldgragers, we also obtain the 1930 census
records). We obtain the image file of the family’s cengeord (shown in Appendix 2) from the digital
archive maintained by the U.S. National Archives and Records Adraimnistr

To compare fund managers’ parents with other U.S. householdsenbe Integrated Public Use
Microdata Series (IPUMS)—the anonymized set of household cersugseWe use the IPUMS data to
construct some auxiliary variables, such as education attainpessgntiles and state-level statistics. We
also obtain tract-level census data from the Elizabeth B&fjaga dataset used extensively in social
economics (e.g., Sugrue 1995; Elliott and Frickel 20IRgact-level records are available only for a
subset of metropolitan areas and cover about one-third of ouresdrgplthis reason, we use tract-level
data for comparison and validation purposes but do not rely on them in our mainsanalysi

We are able to identify census records for 387 (93.0%) of the 4&b@gers that satisfy prior
sample filters. The unmatched observations mainly result franscription errors in the indexing of
hand-written family names in the digital archive, which preusnfrom being able to locate the record in

the archive. We are able to recover some of the misindexeddseby identifying the manager’s

® The digital copy of the dataset was created bydnald Bogue and his wife, Elizabeth Mullen Bogwep manually entered
information from printed publications released bg Bureau of the Census.



residential address during the census in the archives of white pagerise@tshich are typed and free of
hand-writing issues) and then manually going through the manager'®gatian district in the census to
extract the desired address. However, a full recovery of thigservations is prohibitively costly. For a
small number of observations, we are unable to locate the 1940scescord because the managers’
parents were on an overseas trip (identified via vesselrtdepaecords) or on military duty abroad
(identified via military enlistment records). Appendix 1.B sumaesithe sequence of steps in the data
collection process. Appendix 1.C provides examples of relevant reendisAppendix 1.D displays the
sample construction cascade and indicates the number of managers sgteackdstage.

Throughout the data collection process, we rely almost exclusively on the atifamrin state and
federal records. This approach serves two purposes. First, rnigetire information about a manager’s
parents contained in the census (e.g., age, education level, professiupation, immigrant status, etc.)
in other state and federal records, such as militarytemwig records and death records. Apperid®
shows examples of state death records for managers’ pamghtthe information they provide. This
verification process serves to double-check the census infomatd to ensure that it remains relevant
beyond the census (e.qg., if additional education is obtained, it is recorded).

Second, the reliance on state and federal records ensures amdishiaple construction, where
data availability and measurement error should not be cmdeldth managers’ performance. We verify
this pattern in Appendix 1.E which compares a wide array of desistcs between managers with
available and missing census records. The two groups of managerstatistically indistinguishable
across the main characteristics, including gross and net af@nasy length, educational attainment, and
university tuition (one of the wealth proxies). The only ddfeze we are able to detect (significant at
10%) is that managers with available census records areyvemage, 2.3 years older than their
counterparts with missing records. This difference arisesusecfor some managers born after 1940, the
parents’ household had not formed by 1940, and the individual parents’ recodis@ooé located.

Our sample is economically important. It includes 619 unique fundsia the median sample
year (1994), accounts for 33.4% of all assets of solo-managed doreqsttg funds. Our sample
compares favorably with other studies on older fund managets,asuGrinblatt, Titman, and Wermers

(1995) [274 funds] and Chevalier and Ellison (1997) [398 funds]. The dizsur sample is also



comparable to that in some recent studies on fund managers, ddchgaand Kostovetsky (2012) [488
funds] and Pool, Stoffman, Yonker, and Zhang (2016) [778 funds].

We alert the reader that, because of the statutoryragrtston data availability, our sample is
restricted to older managers, and the results in the paper provide a moateadescription of the mutual
fund industry before the new millennium. Given this focus, our pametides evidence on the genesis of
the industry and the managers that had a substantial influente development, an area where prior
research is scarce. As the industry evolves in the future, ehamgelection mechanisms may affect the
empirical relations we document. In Section 6, we extend our @ abyghe recent generations of fund
managers and reexamine the relation between family wealth andyenahg@erformance using a noisy
proxy for endowed wealth available for younger managers.

Panel A of Table 1 reports summary statistics for managerfuads in our sample. The average
manager is born in 1938, shortly before we measure the endowed ¥eeailyh. The average (median)
managerial career, measured by the period between the marfageend last appearance in the sample,
is 13.0 (11.3) years. Most managers have strong educational backgrdumdsefage (median) manager
attended an undergraduate college with an SAT percentile raBR.5f(88.0). The average (median)
college admission rate is 46.8% (43.5%), but this variable hageadistribution: from the TDpercentile
of 13.0% to the 90 percentile of 83.0%, suggesting large variation in the educatiality. About 60%
of managers hold MBA degrees and 4% hold PhD degrees. Approlirhatethirds of managers hold
undergraduate degrees from private universities and 18% graduated friemnltbague institutions.

Mutual fund statistics in our sample show patterns consigtiémirior work. The distribution of
fund size is right-skewed, with the mean assets size ($1, flr@ijnsignificantly greater than the median
($193.9 million). The average (median) monthly fund return is 0.99% (3,2&%tecting a period of
rapid stock market growth in 1975-2012. After adjusting for expasucemmon risk factors (Section 3
provides the details), the average (median) fund manager esmme|gositive gross four-factor alpha of
0.040% (0.030%) per month. After accounting for fees, the average (hedimager earns a negative
net four-factor alpha of -0.054% (-0.057%) per month. These figurefiepgmaor evidence that fund
managers as a group slightly outperform their benchmarks gnoss basis, but deliver negative net

performance due to high fees (e.g., Gruber 1996; Barras, Scaillet, and W20d@x.s

10



2. Descriptive and univariate evidence

2.1. Which families do fund managers come from?

Before proceeding with formal analysis, we document the deseriptiidence on the family descent of
fund managers. To provide a comparative perspective, we juxtapteee possible, their family
characteristics with those of other households in the same censuddtacprsnationwide.

Table 1, Panel B shows summary statistics for the censusToabaconclusions emerge from
these statistics. First, fund managers’ families are, erage, relatively well-off compared to the general
population. Second, there is a considerable variation of wealth arad s@tus even within the sample.
Managers’ fathers report a median annual income of $2,000, whicthpuisat the 87 percentile of the
national income distribution of adult males in 1940. Figure 1.A commpée sample and the national
distributions graphically (the latter is based on the CenshsrlLigorce summary files). Father income
shows a wide dispersion: the™(00") percentile in the sample is $700 ($5,000), corresponding to the
40" (99" percentile of the general population. Home value and rent simitar distribution patterns.
The median home value (rent) in the sample is $7,000 ($40), whizB3% (135%) higher than the
median home value (rent) in the country. Th& p@rcentiles of home value and rent are close to the
national medians, while the 9@ercentiles are 14.3 and 9.7 times higher, respectively, tharatiomal
medians. About 16% of managers’ households employ resident sewhataye recorded in the census
by the general title of servant or by their job function, such as butler, coek, magoverness.

Managers generally come from well-educated families. Thidianefather (mother) has 14 (12)
years of education, which places them in th& @21%) percentile of the national distribution for adult
males (females). Figure 1.B compares the number of years dtesubetween the managers’ fathers
and the general male population. About 56% of managers’ fathiemsded college, the number
significantly higher than the 9.8% fraction of males with college educati1940.

Comparing our main statistics to their tract-level countéspaveals that managers’ households
are marginally more affluent that those of their immediaighbors: the average ratio of their home
value (rent) to the respective tract median is 1.22 (1.23)lg8lyn managers’ fathers have slightly longer

education records than the median male in the tract: the averages fa8a.i
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Table 2, Panel A shows correlations among the main variabléstesest. Different wealth
proxies are strongly positively related to one another: fatiseme has a correlation of 0.445 with home
value and 0.627 with rent. We cannot correlate home value and reatiydsince these variables are
available for complementary subsamples: owned and rentedriieep&Ve observe a robust positive
relation between the manager’'s family wealth and the qualitgexclusivity of his education. For
example, father income has a correlation of 0.362 with the witietuition and -0.354 with the
university admission rate. The manager’s education quality itivedgirelated to his parents’ education,
while the parents’ education, in turn, is positively relatetthéohousehold wealth (correlation magnitudes
range from 0.22 to 0.33). Finally, graduate education was more oftsanepluby managers from poorer

backgrounds, as indicated by the negative correlations between the degmaies and wealth proxies.

2.2. Measures of family wealth
In this subsection, we introduce our main measures of family weale also discuss data features
pertaining to the measurement of wealth that motivate our methodalopimices.

Three patterns in the census data are important for measamiy wealth. First, the manager’s
father is typically the primary wage earner. The dominaajbrity of mothers work as homemakers, and
this choice is more likely in wealthy families. Sinceeov5% of mothers do not report any income even
if they indicate outside employment, we avoid incorporating mstlrcomes into the measure, since it
would detract from its precision. Second, the income of manafgters is unreported in 35% of
cases—this happens when the father is a proprietor, businassrpartentrepreneur. In such cases, we
use the home value and rent as a proxy for wealth. Third, lmepavsonal income, home value, and rent
have different magnitudes, we need to aggregate these measures tiveabases.

We use two methods of aggregation. Our first measure is théhweeasured in multiples of the
state median value. Specifically, we scale the father@niecby the median male income in the state of
residence and complement it with similarly scaled home vatugent when income is missifigzor
example, this variable equals 2 if the father earns twa@wch as the median male in the state or if the

household’'s home is worth twice as much as the median hothe state. The second measure is the

® Because home value and rent are defined on nafeppéing subsamples, it does not matter in whictepthey enter the
aggregate wealth measure.
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percentile rank of father income, home value, or rent indhepke. We use the percentile rank of father
income, where available, and complement it with the rank of home eahaat otherwise. The limitation

of this aggregation is that it does not allow for a proper casgrabetween the subsamples on which the
original variables are defined. For example, if home owners irsauple are systematically wealthier
than renters, the rank aggregation will not capture thisrdiffe. Therefore, we use the wealth measured
in multiples of the state median as our main variable and examine othisprorobustness tests.

Table 2, Panel B shows the breakdown of the census varialdemanagers’ characteristics
across the quintiles of the main wealth measure. The dagalr@ large variation in family wealth. In the
bottom quintile, the average fund manager comes from a farhibsevwealth is 25% below the state
median (relative wealth = 0.75). In contrast, in the top quintile atleage fund manager’s family is
nearly 7 times richer than the state median (relativeltvea 6.7). All three constituents of wealth
increase monotonically across the quintiles. For example, #rage father income grows from $752.8
(42" percentile of the national male income distribution) in théobotwealth quintile to $4,641.4 (99
percentile) in the top wealth quintile. Similarly, the averagme value in the top quintile is 5.5 times
higher than in the bottom quintile, and the average redt7stimes higher. The average number of
servants in the household increases sharply from 0.03 in the bgttiotile to 0.96 in the top quintile,

further confirming the internal consistency of the wealth proxies.

2.3. Univariate evidence

Table 2, Panel B also provides univariate evidence on thtore between the endowed family wealth
and measures of managerial performance without any contraledreffects. At this stage, we can only
point out that managers from the top two quintiles deliver thetyperformance and that this result holds
for both net and gross alphas. For example, the gap in the mealpheebetween the top and the bottom
quintile is 6.8 basis points (bps), or 0.82% annualized. However, tHthypeaformance relation is not
monotonic across the quintiles and is likely masked by various confguatfects, some of which are
apparent from the last block of the table. Specifically, alisuees of the managers’ education quality are
increasing in wealth. For example, the average SAT rank sesefiom 74.2 in quintile 1 to 89.1 in

quintile 5, while the average admission rate decreases from 56.%ntile 1 to 36.9% in quintile 5.
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Importantly, the college tuition, a noisy proxy for wealthimde for managers outside our core sample,
is also increasing in the main wealth measure. It is wooting that these monotonic relations between
wealth and education provide an external validation of the accofamyr data, because the proxies for
family wealth and managers’ education records are obtaineddifferent sources. A similar monotonic
pattern is observed for the parents’ education. While only 40fnfies have a college-educated parent
in the bottom wealth quintile, this fraction rises to 89% intdpequintile. Finally, PhD degrees are more
often pursued by managers from the two bottom wealth quintiles, ftirggthat some of these managers
rely on education as a social lift. This pattern is consistéht prior work in economics that singles out
education as a key driver of upward inter-generational mobiBsar(d and Xie 2010; Carneiro,
Heckman, and Vytlacil 2011l these variables are plausibly related to the managerformance and
need to be included in the analysis. The main takeaway attdlgis is that despite the fact that natural

drivers of performance are increasing in wealth, the performance mézglirshows the reverse pattern.

3. Family wealth and managers’ performance
3.1. Main results
This section formally investigates how fund managers’ pedana relates to their familial backgrounds.
Our main dependent variable in this analysis is the four-féghar alpha, calculated as follows. For each
fundj and month, we estimate the coefficients in the four-factor model, whiclutdes the three Fama-
French factors (Fama and French 1993) and the Carhart momentam(@arhart 1997), using monthly
fund return observations from the trailing 36 montH36tot-1).” We compute the alpha as the difference
between the actual fund return in momnthand the return predicted by the model. This procedure yields
rolling alphas at a monthly frequency which we express in pegerpoints in all our tests. To reduce
noise due to occasional extreme estimates of the loadings, we redeast 80 non-missing observations
in the estimation window and winsorize the resulting alphas at the top aoohtig®

The alpha computed from net returns is a standard measure opdtiodmance and fits the

objectives of our study: (i) it quantifies the percentage veteated over the salient benchmark portfolios

" The data is from Kenneth French’s website: htigh4.tuck.dartmouth.edu/pages/faculty/ken.french/dirary.html.

8 Our results are robust to the choice of the estimavindow. However, many funds in our sample h&eg return series
which stretch across different market cycles. Tirea-year period allows for a reasonable statiséiceuracy in the estimation
without imposing the condition that the factor loags have to remain constant over a long perictih.
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(size and value are the major styles in Morningstar and bipaed (ii) it is based on the precise return
series reported by the fund. However, it is not without isseiest, alpha can be dynamically altered.
Although such alterations cannot be directly inferred from the return magnitielg$end to increase the
volatility and skewness of returns. For this reason, we comrdluhd volatility and skewness in all our
tests. Second, funds are restricted in their portfolio choice fyitlrestment mandate. To accommodate
these constraints, our regressions include fund style fixed efié@salso include year fixed effects.
While the market trend is cleansed in the constructicalpifa, the inclusion of time fixed effects allows
for the possibility that alpha might be easier to earn in some neygles more than others.

Our main independent variables measure the financial standitg ahdnager’'s family during
his childhood. For our initial tests, we consider the two varsabkfined in Section 2.2: (i) wealth in
multiples of the state median and (ii) the wealth rank. Wlkedively call these independent variables

Wealthand estimate the following regression specification:
Alphay; = Wealth,+ xFControlSp.; + XMCoNtrolSmes + vi + s+ mit Q)

wherej indexes fundg, indexes monthsnindexes managers, aadenotes Morningstar fund style.
FControls is a vector of fund and fund family controls which includemdSize(the natural
logarithm of the fund’s total net assets (TNA) in millionsdaflars), FundAge(time in years since the
fund’s first appearance in MorningstakjanagerTenurdduration in years of the manager’s tenure with
the fund), FirmSize (the natural logarithm of the fund family TNA in millions afollars),
FirmLogNumFundgthe natural logarithm of the number of funds in the fami{glatility (standard
deviation of fund returns over the trailing twelve months), 8kewnesgskewness of fund returns over
the trailing twelve months)MControls is a vector of manager-specific controls which includes
UniSATRanKnational percentile rank of the median SAT score for the manager’s urdiergraollege),
UniAdmissionRatqundergraduate admission rate for the manager’s collétggPhD (an indicator
variable equal to one if the manager holds a PhD degree)PamhtsEdu(the manager's parents’
average education attainment score defined as follows:atolicattainment equals 3 if the person
attended college, 2 if he attended high school but not collegéhelattended elementary school but not

high school, and 0 if he has no formal education). All control vasadle measured at the end of month

15



t-1, and their exact definitions appear in Appendix 3. In these andgsdrddests, the standard errors are
clustered by fund manager to allow for serial correlation inop@idince resulting from unobservable
managerial characteristics.

Table 3, Panel A reports the estimation results, beginnitigspiecifications without managerial
controls (columns 1 and 6) and gradually adding controls for manageaedcteristics correlated with
wealth. Both measures of wealth are reliably negativelgted to alpha, and this relation becomes
stronger and economically larger as we add controls for maabhgkaracteristics, consistent with the
idea that most correlates of wealth tend to work in the ofpalfection by improving managerial
performance. This pattern suggests that a possible omission efatime correlates of wealth would
likely understate the economic significance of our results.

The relation between family wealth and performance is economiggilyrtant. According to the
full specification in column 5, an interquartile range incraadamily wealth (2.27 multiples of the state
median) is associated with a reduction in alpha of 3.59 bps per 1{@01%8*2.27) or about 0.43% per
year, a result significant at 1% with testatistic of 4.12. Similar results obtain if family wimals
measured as a percentile rank in the sample in columns 6-10. Aardadihe full specification in
column 10, an increase in the wealth rank of 50 percentiles rethecésur-factor alpha by 4.66 bps per
month or 0.56% per year, a relation significant at 1%. Giveroting careers of fund managers in our
sample, the resulting difference in the compounded risk-adjustedsesusubstantial, underscoring the
importance of the quality signalling mechanism we study.

The effects of the control variables are consistent with pravk. Managers with higher-quality
education, measured by their college’s admission rate or Sér€,qeerform better, consistent with the
findings in Chevalier and Ellison (1999). According to columra2,increase in the SAT rank of 10
percentile points (or 0.1) is associated with an increase im#mager’'s annual alpha of 0.15%. The
attainment of a PhD degree is positively related to perfocmaas shown in Chaudhuri, IvkoyvPollet,
and Trzcinka (2016), although this result is not significandur sample, given the smaller sample size
and the rarity of PhD degrees. Aside from the manager’s own education, theadothis parents has a
significant incremental effect, consistent with the importaoiceongenital drivers of an individual's

investment performance (Barnea, Crongvist, and Siegel 2010). dhagoto the full specification in
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column 5, a one-level increase in the educational attainmethieafnanager's parents (e.g., from high
school to college) is associated with an increase in thedlomd of 2.6 bps per month or about 0.31%
per year. Finally, managerial experience is positivellated to performance, as shown in Kempf,
Manconi, and Spalt (2016), while fund size is negatively relatedsistent with the diseconomies of
scale in investment (Berk and Green 2004; Chen , Hong, Huang, and Kubik 2004).

Table 3, Panel B shows that our results are robust to the oenstiiomponents of wealth: father
income and housing. The results remain significant at 1% acabgsins 1-6, even as the number of
observations declines when some wealth measures are ubkevéda all households. The economic
effect of the raw income is comparable to our main resaltsinterquartile range increase in father
income ($1,900) reduces alpha by 5.64 bps per month or 0.68% péMgeprovide more detail on the
structure of the wealth-performance relation, columns 7-8 imelPRB introduce regressions featuring
wealth quintile dummies. These regressions also provide a cenvevay to summarize the economic
magnitudes, since the performance of different wealth groups calirdmly compared. The omitted
category is the bottom wealth quintile, and quintile indicatoesaaranged in the increasing order of
family wealth so thatVealthQ5corresponds to managers from the wealthiest families.

The results reveal two patterns. First, the coefficients quntile dummies decrease
monotonically across the wealth quintiles. Second, the wealtbrpeahce relation is driven by the
underperformance of the wealthy, as indicated by the sizablengayefficients between the top two and
the bottom three quintiles. In particular, the strongest relasignificant at 1%, is observed for managers
coming from ultra-rich families in the top quintile. According column 8, the top wealth group
underperforms the bottom (omitted) group by 10.2 bps per month or about 1.22% per year.

The economic importance of these results is underscored by théhdawarious unobservable
effects should favor the outperformance of the rich. Although tkigesto control for different
characteristics of the manager and his family, potentiatlyortant omitted variables may exist in our

setting. However, a reasonable endogeneity argument would tpomtpositive relation between the

® Tables 3 and 4 contain three coefficients of 04028 different underlying variables. This pattésnjust a coincidence. The
exact coefficient on the raw father income in TaBlés -0.028424 and that on the relative fatheoine is -0.028403. The
variables are different; e.g., the interquartilega of the raw income is 1.20-3.10 (in thousanddodiirs) and that of the relative
income is 1.27-3.14 (in multiples of the state medli
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parents’ wealth and the manager’s performance. For exampleidimals from wealthier families have
better connections and access to resources, which should aid dfesisfnal tasks. And yet, these same
privileges make it possible to embark on a managerial carigermodest skills. Only if this biased
selection channel is in full effect, would we observe a negatiggae between a manager’s performance
and his endowed wealth. This reasoning is indirectly confirmedheyfact that our results become
stronger as we add controls for the main correlates of wealth.

In summary, family wealth is negatively related to manafgrerformance, and this result is
robust to various wealth proxies. The relation is driven by the undempance of managers from the

richest families, and it gets stronger after controlling for manabcharacteristics correlated with wealth.

3.2. Alternative measures of fund performance
In this subsection, we consider several alternative meastiramnagerial performancgross alphas,
benchmark-adjusted returns, and the value extracted from capital markets.

We first examine the effect of replacing net alphas witisgialphas. In the baseline analysis, we
constructed the four-factor alpha from net fund returns for twoonsas-irst, we are interested in the
value effects from the perspective of a fund investor rathen the management firm. Second, the net
return series is based on precise and objective data, regaoflidse time period. In contrast, the gross
return is approximated from fund fees, which are sparser and lesegozatder funds.

Columns 1-2 of Table 3, Panel C show the results from our baselirysianaith the gross alpha
as the dependent variable. In these specifications, wennatstthe four-factor alpha using returns
grossed up by the fund’s expense ratio (measured as closely drepmsthe month for which the alpha
is computed). We find that the magnitude and statistical feignce of the relation between family
wealth and managerial performance remain very similar to @in nesults. For example, in the full
specification in column 2 in Panel C, the point estimate fosgalphas (-0.0154stat = -4.31) is nearly
identical to that for net alphas obtained in a similar spetiéin in column 5 of Panel A (-0.0158stat =
-4.12). This pattern suggests that the relation between familithwaad managerial performance is

driven by managers’ portfolio decisions rather than by fund fees.
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Next, we consider fund performance relative to its benchmark.intfe defineBenchmark-
Adjusted Returras the difference between the fund’s monthly gross return anettive on the fund’'s
benchmark index, using the benchmark from the fund’s prospectusledcby Morningstar. We also
consider the abnormal return net of the benchm@bkgrmal Return Over Benchmarkomputed as the
difference between the fund'’s return and the return predicted by the fautet im which the factor is the
index return series (as before, the model is estimated lowdrailing 36 months). The results for these
two measures, reported in columns 3-6 of Panel C, confirm tbegshegative link between family
wealth and managerial performance. This relation persistssaitredour alternative specifications with
stable economic magnitudes and comparable levels of statisticéicsinoe.

Finally, we investigate the dollar measure of the valumetdd from capital markets introduced
in Berk and Van Binsbergen (2015). Following the authors, we comipisteneasure as the product of
the fund’s beginning-of-the-month TNA (adjusted for inflation bg tConsumer Price Index of the
Federal Reserve Bank of St. Louis and expressed in millions of @flle2s) and its gross alpha. This
variable is different from the return-based measures of pesfoze as it explicitly takes into account
fund size. The size component is important, since the neoclasaiveviork posits that fund size should
adjust endogenously to the manager’s ability through flows, thusigldown the return-based measures
of performance under the assumption of decreasing returns toBegkeand Van Binsbergen 2015). At
the same time, as long as the equilibrium is not reachedathe-added measure would understate the
ability of managers constrained by fund size. Moreover, the eopdititet grew rapidly over our sample
period, offering new investment opportunities for fund managers gxar, thus relaxing the effect of
diminishing returns to scale. For these reasons, we continudytorrehe return-based measures of
performance in our main analysis and report the results foddlar value extracted as a robustness
check. Columns 7-8 in Table 3, Panel C show that family wesltieliably negatively related to the
valued extracted from capital markets, and this relation is signtfat 1% in the full specification.

In summary, the relation between family wealth and managpegbrmance is robust to a
variety of performance measures. This result is not driven bgiffieeence in fund fees and fund size and
is robust to controlling for style investment mandates and a $aigef observable fund characteristics.

While some fund characteristics remain unobservable, they areeslyntix explain our results. We
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exclude non-U.S. and specialty funds, making it difficult to preditural’s performance ex ante. In
addition, if anything, we would expect managers from wealthieili&snto seize the more lucrative

investment opportunities, in contrast to their actual performance.

3.3. Mediating effects

In this subsection, we examine how the strength of the wealth+perfice relation varies by additional
characteristics that are expected to amplify or attenuate tbisipreof the wealth signal. To facilitate the
interpretation of these interaction effects, we add spatifies with a binary measure of wealth—
WealthHigh—which equals one if the manager’s family wealth is above déngpke median and zero
otherwise.

We first focus on the number of a manager’s siblings collectad & combination of census
records and obituaries for the managers’ parents. Our fmtwsblings is motivated by a literature in
household economics (reviewed in Black, Devereux, and Salvanes 2008),shbivs theoretically and
empirically that for a given amount of family wealth, anré@ase in the number of children leads to a
smaller amount of resources—temporal, familial, and monetary—atdilddo each child. This pattern,
labeled “resource dilution,” has been shown to have a signifieffect on individuals’ education,
incomes, and career outcomes. If family wealth reduces ting leatriers into high-income jobs, this
effect should be stronger for families with one child and weak families with a large number of
children where the endowed resources are split across multiple siblings.

Columns 1-2 in Table 4 confirm this prediction. The results shaivttie underperformance of
managers from wealthy families is significantly gredterthe most privileged individuals—those who
have no siblings. When we focus on such one-child families, the ecomoagicitude of the wealth-
performance relation increases compared to that in our baseligsisan@he point estimate dWealth(-
0.0284,t-stat = -4.10) indicates that an interquartile range increaseealth (2.27) corresponds to a
reduction in alpha of 6.45 bps per month or 77 bps per year. The pasitivetatistically significant
interaction termWealth * NumberOfSiblings column 1 shows that an addition of an extra sibling to a
family weakens the negative wealth-performance relatioaboyt 25% (0.0070/0.0284). Overall, a large

number of siblings dilutes the precision of family wealth as a signal aeinager’'s performance.
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Columns 3-6 study the mediating effects of additional barreentry into asset management. If
the relation between family wealth and managerial performamélects a variation in selection
stringency, the strength of the wealth signal should vary withiaddi barriers. To test these relations,
we exploit both cross-sectional and time-series variation inebsrto entry, an analysis presented in
columns 3-4 and 5-6, respectively.

Columns 3-4 focus on the cross-sectional variation in a managenigtiant status as a proxy for
an additional barrier to entry. Using data on the birth place afhtngager’s parents from the individual
census records, we define the varidibhenigrantas a binary indicator, which equals one if both of the
manager’s parents were born outside the U.S. and zero othérhiiséndicator is equal to one for 5% of
the managers, and the three most common countries of immigraint argy Russia, Germany, and
Ireland. Consistent with the importance of the selection mechattie negative relation between family
wealth and managerial performance is magnified in immigfamilies, as shown by the negative
coefficient on the interaction teritealth* Immigrantin column 3, a result significant at 10%s{at =
1.91). We alert the reader that the statistical power in tlesgeis weaker due to the rarity of immigrants
in the asset management industry in our sample.

In columns 5-6, we explore the dynamics of the managers’ eniteethe mutual fund industry
and consider the time-series variation in selection stringescpraxied by the scarcity of employment
opportunities—the national unemployment rate in the year of entrydate on unemployment come
from the Bureau of Labor Statistics. Across columns 5-6, wetfiatithe negative wealth-performance
relation is magnified by high unemployment at entry. This effemnificant at 5% across the
specifications, is economically meaningful. According to column 5Sné#gative sensitivity of managerial
performance to family wealth increases by 38.6% (0.0061/0.0158yeela its unconditional value for
every percentage point increase in the unemployment rate. fidsgts are consistent with the literature
in labor economics that suggests that informal networks play an tempoole in job search when
publicly available employment opportunities become scarce (Calvo-Ayohand Jackson 2004).

In columns 7-8, we consider the mediating effects of the managese. We discuss these
results in the next section, which focuses on the economic metisaniglerlying the relation between

the family wealth and managerial performance.
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In summary, the strength of the wealth-performance relativiesvavith the precision of the
wealth signal and selection stringency. Consistent with thetsglemechanism, family wealth is a
stronger predictor of managerial performance when entryepardre high and when the proxy for

wealth-related benefits is more precise.

4. Economic mechanisms: innate ability and effort
Extant mutual fund literature has accumulated evidence thageses have different levels of investment
skill (e.g., Kacperczyk, Sialm, and Zheng 2008; Berk and Van Binsbe2@15; Kacperczyk, Van
Nieuwerburgh, and Veldkamp 2016). While skill is generally vieweda adriver of value-creating
behavior, most of prior work does not make a distinction whether this behavitveis dy the manager’s
innate ability or level of effort. This section provides evidentthis direction by considering two non-
mutually exclusive channels that may contribute to the perforengag between managers from wealthy
and poor families. The first channel posits that managers fratthydamilies have weaker incentives to
apply effort due to the diminishing utility of additional earningbe second channel suggests that
managers from wealthy backgrounds have a lower innate ability as aofdbeliess stringent selection.
First, we focus on the observable effort proxies and investighether managers from wealthier
backgrounds pursue less active portfolio strategies. In theésewesdo not assume that greater activity
translates to higher value, but rather regard activity sign that a manager does not opt for a “quiet life”
management style. We compute three proxies for managetiaitya'® Turnover is defined as the
annualized ratio of the sum of absolute values of dollar @saimgequity positions of the fund over the
guarter to the average dollar value of the fund’s portfolio, &aispar, Massa, and Matos (2005). This
measure captures the fraction of the portfolio that is “n&ldtive to the previously reported snapshot of
holdings. Holding Horizon measures how many months, on average, shares are held in the fund’
portfolio. This variable is computed as in Lan, Moneta, and Wer(2éds®), using the assumption that
shares bought first are also sold fitderdingis equal to the correlation between changes in holdings of

the fund over the quarter (measured by the percentage change murhber of shares held) and the

10 Most of the variables in this section make useyadrterly portfolio holdings disclosed in CDA fitie and available from
Thomson Reuters. We match Morningstar funds togundhe CRSP Mutual Fund Database by CUSIP osliage class (this
match is nearly 100% accurate as evidenced byasiritihd names and a 99%-+ correlation between Mgstém and CRSP fund
returns) and then match CRSP funds to CDA portfolim the latter step, we use the MF Links filesimt@ned by Russ
Wermers but extend the match to 2012 and verifguglity by visually comparing fund names.
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corresponding changes in the holdings of a hypothetical avéuagein the style, whose portfolio
position in a given stock is calculated as the sum of theeggte positions in the stock of all the funds in
the style. By construction, the herding variable lies betw&66 and 100, and higher values indicate
funds whose trades are closer to the style’s average in directionagmétume.

We examine how these portfolio variables are related to the geemafamily wealth by

estimating the following regression specification:
Activityn,r = Wealth, + xFControlSpr: + 2xMControlSmry + v + s+ mt 2)

where the right-hand side variables are defined as in equajiamdlhe left-hand side variables are the
measures of activity for fundin quarterT. We run this regression in two specifications: with and without
volatility and skewness as controls, because some dependent gadablée related to volatility and
skewness by construction.

The results in columns 1-6 of Table 5, Panel A are diredlyooansistent across all the activity
measures. Managers from less wealthy families tend to be awtive: they trade more, have shorter
holding horizons, and are less prone to herding. The results on turangeholding horizon are
statistically significant at least at 10%. An intergilemtange increase in wealth decreases annual
turnover by 1.43 (based on column 2) or by 4.5% of its unconditional ni€g?2) and increases the
holding horizon by 1.96 months (based on column 4) or by 5% of its unconditional mean of 39.1.

Higher turnover and shorter horizon can be both value-enhancing anaysiestdepending on
the timing of the trades and the stocks traded. To sheddighhe performance channels, we follow
Kacperczyk, Van Nieuwerburgh, and Veldkamp (2014) and decompose fund retiornhe stock
selection and the market timing components. For exarifadset Timingis defined as the sum across all
the fund’s holdings of the termiv{ rung  Win benchmark)®  *I'm » Wherew, 1,nq IS the weight of the stock in the
fund portfolio at the end of the quart@¥, penchmarkiS the weight of the stock in the market (benchmark)
portfolio, ry is the market return in the quarter, ands the stock beta computed from the one-factor
model over the period of the past 36 months. Appendix 3 provides the details.

We run regression (2) witStock PickingandMarket Timingas dependent variables and report

the results in columns 7-10 of Panel A, Table 5. We find thawesadthy managers are not significantly
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better at market timing but have superior stock-picking sKilise coefficient onStock Pickingis
significant at 1% and economically large. According to colummr8,interquartile-range increase in
family wealth decreases the stock-picking return by 11.2 bps petegoa 38.8% of its unconditional
mean. Combined with the earlier results, this evidencensistent with the view that active trading
creates value as long as the manager has skill (Pastor, Stambaughylang0i®).

As a further test of the effort channel, we exploit an exogenousase in a manager's own
wealth from an inheritance, an event proxied by the deathedatit parent. Under the effort channel, a
manager’s incentives to apply effort should decrease aftanheritance, but only for wealthy managers.
We define an indicator variablRarentsDeadwhich equals one if both of the manager’s parents died
before the observation year and zero otherwise. We set thableatio missing if either parent died in the
observation year. This approach omits one year of observationsdathe death event to account for
possible effects of emotional distress and personal distracticwadss with the loss of a parent.

We rerun regression (2) witRarentsDeadand its interaction withWealth as independent
variables and report the results in Table 5, Panel B. The dtiteracoefficient is of particular interest,
since it captures the difference in the response of thatgctariables to the inheritance events between
the rich and the poor. The results are directionally consigtightthe predictions of the effort channel:
only managers from wealthy families become less activer dfie inheritance. The coefficients in
columns 2 and 4 indicate ths¥ealth has to be as high as 6.54 (9dercentile) for the turnover to
decrease post-inheritance and as high as 3.47p@tentile of the distribution) for the holding horizon
to increase post-inheritancéHowever, these effects are not statistically strong. Theraation
coefficient is significant at 5% for the holding horizon but is not sigaifi for turnover or herding.

Unlike effort, innate ability is not directly observable. Absardirect proxy for ability, a natural
guestion one can ask is to what extent the performance gapebetmamagers from wealthy and poor
families is driven by their differential incentives. Bmswer this question, we focus on the results in
columns 7-8 of Table 4. To the extent that value creation ety higher incentives of the poor, the
performance gap should decrease as managers from poor factliesudate their own wealth over the

course of their careers. The interaction betwaalthandManagerTenurés positive, but economically

11 The threshold for the holding horizon measureisputed as follows: 6.9522/2.0058 = 3.47.
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small and statistically insignificant. These results iat#icthat the performance differential between
managers from rich and poor backgrounds remains economically atabss the course of their careers,
suggesting that it is related to inherent, time-invariant aspeatawfgerial ability.

In summary, both the effort and ability channels are likelyratpe in our setting. From an
investor's perspective, both channels are value-improving. \didweadly, our findings are consistent
with the work in labor economics that singles out an individuaisarts” and “drive” as the key

determinants of professional performance (Heckman, Stixrud, and Urzua 2006).

5. Career progression and assets under management
This section studies the dynamics of managers’ careersass®ts under management. Section 5.1
investigates the effect of family wealth on managerial pranestand exits from the industry. Section 5.2

examines the role of family wealth in capital flows into the managaraial funds.

5.1. Promotions and exits

An ideal test of managerial selection would examine the epmtiod of candidates for positions in the
investment management industry—both those who are subsequendhyahde¢hose who are rejected—
and evaluate how an individual's characteristics affectikediiood of being hired. This test is typically
infeasible for two reasons. First, the pool of rejectattiickates is rarely observed. Second, even if the
pool of rejected candidates could be identified, it would bécdlffto evaluate their skill because their
performance as a fund manager is unobservable. This unobservable cowralerfauld make it difficult

to test the role of family descent in managerial saaaind ascertain whether it indeed affects the hiring
decisions or whether it is simply correlated with a manager’s ahilitich affects the hiring decisions.

We circumvent these limitations by examining the caresgrpssions of portfolio managers and
studying the determinants of their promotions and exits fromnithastry. In this setting, we not only
observe the pool of portfolio managers, but also obtain accuesteumes of each manager’s professional
performance in addition to his family descent and personal chaséicte It is also reasonable to believe
that a firm’s selection criteria are consistent between hiring and goma#cisions.

In the analysis of managerial careers, we focus on tletsadslegated to the manager and the

amount of management fees to which he is entitled. The totalirgnof management fees serves as an
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upper bound proxy for the pool of funds available for the manager's coatjpenssince the actual
amount of compensation is unobservable to the econometrician. Follolvaggm@n and Evans (2010),
we identify discontinuities in these statistics that ugualise from the assignment of additional assets to
the manager. We use these events as proxies for manageriatipr@mand define two indicator
variables.Promotion, AUM-Inferreds a binary indicator that equals one if the total dollmoant of
assets managed by the manager at the end of the month moreotitides csince the previous month.
Promotion, Fee-Inferreds a binary indicator that equals one if the combined manauefi@e for the
assets delegated to the manager more than doubles sincestimup month? The relatively high
thresholds imposed in these definitions indicate conservatigheiconstruction of these measures and
ensure that they capture significant events associatbdtavigible monetary benefits rather than lateral
moves or firm-wide adjustments of job titles. These proxiemtify important, relatively infrequent
career events. The unconditional probability of being promotediyngaven month is 0.63%.69%,
according to the two measures, respectively.

To study the role of family wealth in managerial careejettaries, we examine the relation
between promotions and managers’ performance and introduce spiecificshere past performance is
interacted with family wealth. We define past performaiR@s{GAlpha as the average gross monthly
alpha earned by the manager over the trailing 60 months, endingnith triL.. Unlike in our previous
tests, we consider gross, rather than net, alpha as the @asfabterest because managers’ career paths
are determined by the overall value created rather than theetoets earned by the investors. The full

regression specification is a liner probability model with fixed éffedefined below:

Promotion,; = ;PastGAlpha:+ ,Wealth,+ sPastGAlpha*Wealth, +

XFControlsyjy + XMCoNtrolS e + vi + s+ mit 3)

Table 6 shows that past performance is a strong driver of pimrmpas indicated by the positive
and statistically significant coefficients dtastGAlphaacross columns 1-6. According to column 1, an
increase inPastGAlphaof 10 bps improves promotion chances by 0.044% or by 6% relative to the

unconditional promotion probability. These results are consistent with idhenee in prior work that past

12 The management fee is calculated as the sum &tiviae funds managed by the manager) of the pitagfithe fund TNA and
the expense ratio divided by the number of managensing the fund.

26



performance is an important driver of career progression in theafmfund industry (Khorana 1996; Hu,
Hall, and Harvey 2000). The coefficients on the contralabdes indicate that the number of funds in the
mutual fund family is positively related to the likelihood of padion, consistent with a greater number
of available promotion opportunities. The coefficients on the nefstenure indicate that managers in
the earlier stages of their careers are more likelyetpromoted, suggesting that the career trajectory in
management positions is steeper early on.

The interaction terms between a manager's performance anthrhiy descent show that
promotions of managers from wealthier families are lessitban to past performance. This effect is
significant at 5% in all specifications and is economicslipng. According to the interaction coefficient
in column 2, an interquartile-range increase in wealth mutes @% of the overall sensitivity (-
0.0018*2.27/0.0044). Similar conclusions apply to the binary wealth variatl¢ha fee-based measure
of promotion. These results suggest that managers from poadliekarare promoted when they
outperform, whereas those born rich are more likely to be promoted for reaselasad to performance.

Next, we study how managerial performance and family wealtlredaged to exits from the
mutual fund industry. To identify likely involuntary exits frolmetinvestment management industry, we
exclude lateral moves to other sectors in investment managemamely, hedge funds and insurance
funds. To this purpose, we match our managers to the managers in thegdiamuniverses of insurance
funds and hedge funds, using managers’ names and then confirmimgattiees by the managers’
biographies. This process reveals that a significantly giréatction of mutual fund managers move from
mutual funds to the insurance sector (9.2%) than to hedge funds (I B&bJraction of mutual fund
managers in our sample that switch to hedge funds is sitnitéie estimates in prior work, such as the
fraction of 1.28% in Deuskar, Pollet, Wang, and Zheng (2011), indictitaighe labor market flows in
our sample are comparable to those in a larger universe of managers.

We also exclude industry exits for natural causes that weeat@bly identify—namely, those
related to terminal health issues or death. The date of a mandgath, which comes from the Social
Security Administration Death Registry, is linked to the managsocial security number and appears in
the Lexis Nexis Public Records Database. We view the iexitse year of the manager’s death or one

year prior as those related to natural causes and exclude them from tses ariagparations.
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Columns 7-9 in Table 6 study the determinants of fund managets’ feam investment
management. The dependent variaBbdt From Asset Managemeis a binary indicator that equals one
if the manager leaves the mutual fund universe in the obeervabnth for reasons other than lateral
employment moves and terminal health issues, as defined above. Ttethteleat some of the remaining
exits in our sample contain noise as proxies for involuntary sep@ait would bias our estimation
against identifying significant relations.

Table 6 shows that industry exits are preceded by poor performbiiserelation is reliably
significant across all specifications in columns 7-9. Consistatht the argument that managers from
wealthy families are less likely to lose employment feal performance, the results indicate that wealth
reduces the sensitivity of exits to past performance, asrshgwhe positive interaction coefficients in
columns 8-9. However, this effect falls short of being statity significant at conventional levels,
considering a relatively small number of exits and an imperfect proxgJoluntary separations.

In summary, strong investment performance is a key drivarasfagerial promotions, and weak
performance precipitates exits from the industry. The promotidiospeaince relation is significantly
steeper for managers from poor families, suggesting that ptha@inotions are more closely related to
skill. In contrast, the promotions of managers from wealthyliesrare less dependent on performance,

suggesting that some managers can remain in the industry withoutidglisgperior investment results.

5.2. Capital flows

If a manager’'s family wealth is an observable signal offligre performance, a natural question is

whether this signal affects the capital allocation decisioriaraf investors. This subsection studies fund

flows—changes in fund assets resulting from the contributions and redemptiamitalf lzy investors.
Table 7 examines the relation between a fund manager'syfaredlth and mutual fund flows.

The dependent variable is the net capital flow into the maisafierd, computed as the percentage

change in fund assets unexplained by fund returns (see Appendix & .aSimenager’s family wealth is

related to his performance, we consider specifications avithwithout controls for performance, a key

13 The fact that poorly performing managers from legslthy families are more likely to exit does ntroduce a sample
composition bias to our analysis. This bias woulty sesult if either the wealth measure were tirepehdent or if alpha had a
time trend, so that managers who are more likebtdy in the sample had a higher chance of perfaymiell. Neither of these is
the case. In addition, we include time fixed effdatall the regressions to further eliminate aogposition issues.
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driver of fund flows (Chevalier and Ellison 1997; Sirri and Tufa®88; Ivkovi and Weisbenner 2009).
Past performance is computed as the average net alpha of the fund tralingehree years.

Without controls for past performand&/ealthis weakly negatively related to flow, as indicated
by the marginally significant negative coefficient fealthin column 1. However, this effect is largely
explained by the response of flows to past performance: the ¢meffan past performance is highly
significant in column 2, whereas the coefficient on family we& not significant. In column 3, we
accommodate the convexity in the flow-performance relation by mipwhe flow sensitivity to be
different in the positive and the negative range of past performance. Thesiapgein the positive range
shows that flow is convex in past performance, but the effefanafy wealth remains insignificant in
this enhanced specification. Finally, in columns 4 and 5, we aitévaalthwith past performance to
study the effect of the manager’s family wealth on the sbafiee flow-performance relation. We do not
detect a significant effect, as evidenced by the small and ins@mifinteraction terms in columns 4-5.

In summary, we do not find a reliable effect of managarsily wealth on capital flows, over
and above the effect of fund performance. This suggests thatarsse® not incorporate the wealth
signal into their asset allocation decisions, perhaps an unsugpresult given the effort required to
extract this signal. While mutual fund managers serve thousandsatifisvestors and are not directly
responsible for raising new capital, wealthy managers nmey qoh important role in attracting flows in
other contexts. Examples include settings with a small numbkigbfnet worth investors, where the
manager directly participates in the capital raising procassh as private equity, hedge funds, and

private wealth management.

6. External validity
Our core analysis focuses on older fund managers and providksh@ on an important selection
mechanism at the genesis of the mutual fund industry. A natutaWfap question is whether the
relation between wealth and performance applies to younger managers amet Wieste results extend to
settings outside of investment management. This section provides stgygestence in this direction.

To circumvent data limitations on the endowed wealth of youngeagaais, we rely on a crude

wealth proxy—college tuition. This simple proxy is intended talifate replication of our results, but it
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comeswith limitations.While themediartuitionincreasesnonotonically across the wealth quintiles (Table
2,PaneB), its correlationwith theincomeof the manager’s father is a moderate 0.362. This progyas a

part of variation in wealth because some capable studentp@ronfamilies obtain scholarships to attend
expensive colleges and becatissactuatuitionpaid by the student is unobservable to us. We believe that
the precise measurements from the census records cannot beubessilyted with alternative proxies.

Table 8 studies the relation between a manager’s familittwaiad his professional performance
without imposing restrictions on the manager’s age in theséufiple. In columns 1-3, endowed wealth is
proxied by college tuition (in thousands of dollars as of 2004), and in neldrB, it is proxied by the in-
sample percentile rank of college tuition (ranging from 0 to 1). [Atter measure refines the tuition
proxy by accounting for the fact that mutual fund managers, asup,gattend more expensive colleges
and by smoothing out the effect of outliers. Since tuition isetated with education quality, we control
for the college’s average SAT score and admission rate to isiadatesalth component of tuition.

The results show that endowed wealth, as proxied by collegentuisi consistently negatively
related to managerial performance in all specifications, lsisd-¢lation is statistically significant in five
of the six columns. As expected, the economic magnitude is about @dkemthan the effect of the
father’s income in our main analysis. In the full specificatorolumn 6, an interquartile range increase
in tuition (50 percentiles) reduces the four-factor alpha by 2.9ahpsnth or about 0.35% per year, a
result significant at 1%. The difference in magnitudes coulattpibuted to a less precise measurement of
wealth, or it might reflect a more egalitarian selection into asaeagement in recent years.

To study the latter conjecture, we split our sample intwgubsamples by the manager’s year of
birth and reestimate the regression. Columns 7-8 (9-10) showsthitsror the managers born before (in
or after) 1960. Across the four columns, the relation between perforraaceollege tuition remains
negative and significant in three of the four specifications. edmmomic magnitudes do not diminish in
the younger sample, indicating that the effect remains reléemind our sample period. However, we
caution the reader that this evidence is at best suggestive,tgevéack of precision in the wealth proxy.

Yet, recent developments indicate that hiring practices celaieindividuals from wealthy
families remain an important regulatory focus. For example, ougu, 2015, the SEC issued a cease-

and-desist order to Bank of New York Mellon Asset Managemgatrdeng the preferential recruiting of
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wealthy candidates. The SEC has concluded that applicants feaithy families faced lower selection
stringency in the recruiting process: “An SEC investigatemmd that BNY Mellon did not evaluate or
hire the family members through its existing, highly competiinternship programs that have stringent
hiring standards and require a minimum grade point average artiplenuhterviews. The family
members did not meet the rigorous criteria yet were hired tiwéhknowledge and approval of senior
BNY Mellon employees...*

The SEC suggests one explanation for why these hiring practioés persist at financial firms.
In particular, the individuals making the hiring and promotionigiess obtain additional benefits,
whether intangible or pecuniary, which do not accrue to the endtimvesome of these benefits are
familial, as when the fund manager is a relative of othetfghio managers or fund family founde¥s.
Others may include access to social networks and political connectiameanifestation of homophily—
an affinity for similar others (McPherson, Smith-Lovin, and Cook 200M)ile it is difficult to draw a
reliable link between a manager’'s family descent and thesmmes—a task beyond the scope of our
paper—we believe that a likely explanation for the wealtliopeance relation is the occasional
divergence between the interests of the principal and its dgatgtegated asset management. Such labor
market frictions have been documented in other settings. Fompéxafnacassi and Tate (2012) find that
powerful CEOs favor the appointment of directors based on pens@iatences, a bias that damages the
firm’s performance. Using detailed personnel data and meastiieslividual productivity, Bandiera,
Barankay, and Rasul (2009) find evidence of managerial favoritism in hiriveg{ability employees.

Our conclusions may extend beyond asset management. For example, recent emaplkittatls
that a manager’s family descent may affect selectiamgsincy in other empirical settings and generate a
similar performance pattern. Bennedsen et al. (2007) and Melatotda (2013) show that individuals
who become CEOs via their inherited family status (blood heirs) undempetiose hired externally. In a

general setting of U.S. households—unrestricted by occupation—Reav¥ddowvard (2013) find that

14 Securities and Exchange Commission Press releas20N5-170, dated August 18, 2015.
B ror example, Carole S. Kinney succeeded her fa@tarles Walters Steadman, as a manager at Ameituoilarly, Christine
M. Baxter, a former manager of PBHG Emerging Groltimd, is the daughter of the founder of the coryipliarold J. Baxter.
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over 40% of individuals born into wealthy families (top quintidtain high-income jobs despite having
low scores of cognitive ability and internal drive—key determinantmiekscprofessional performante.

In summary, the relation between endowed family wealth andgesial performance is robust
to out-of-sample wealth proxies and appears to persist in rbacoty. Evidence from other studies

suggests that our conclusions may extend to other professions with highstiareietry.

7. Conclusion

We study the relation between fund managers’ family backgroumdisheir professional performance
and find that managers from wealthy families deliver lower ridjksaed returns than managers from poor
families. Our evidence suggests that managers endowed whlerhivealth at birth face lower entry
barriers into asset management, and some of the less shkillsaibers succeed in entering the profession.
Consistent with the selection mechanism, the presence of adddiamalbarriers, either cross-sectional
(immigrant status) or time series (high unemployment), enhamendgative wealth-performance
relation. This explanation is further supported by the evidenceasragers’ promotions, which shows
that less objective promotion criteria apply to managers frealthier families. In contrast, promotions
and dismissals of managers from poor families are more closely tiedrtpabseperformance.

We believe our findings have implications that extend beyond ass®agement. Our evidence
suggests that an individual’'s social status at birth neayesas an important signal of quality in other
industries with high barriers to entry, such as corporate marmgeon professional services. We hope
that an increased focus on the role of an agent’s family bawkdrwill yield valuable insights into

professional decisions of financial intermediaries, corporate mes)agel other economic agents.

18 For a survey of the literature establishing arsirtink between cognitive skills and performanes Schmidt (2002).

32



References

Ahern, K., Sosyura, D., 2015. Rumor has it: Sensationalism in financial rRedi@w of Financial
Studies28, 20562093.

Bandiera, O., Barankay, ., Rasul, I., 2009. Social connections and incentives orkb&ee: Evidence
from personnel dat&conometricas7, 1047-1094.

Barnea, A., Crongvist, H., Siegel, S., 2010. Nature or nurture: What determingsirbehavior?
Journal of Financial Economic88, 583-604.

Barras, L., Scaillet, O., Wermers, R., 2010. False discoveries in mutual fifilod@ance: Measuring
luck in estimated alphadournal of Finances5, 179-216.

Bennedsen, M., Meisner Nielsen, K., Pérez-Gonzalez, F., Wolfenzon, D., 2007. Insataith&rm:

The role of families in succession decisions and perform&uaterly Journal of Economics
122, 647-691.

Black, S., Devereux, P., Salvanes, K., 2005. The more the merrier? The eféaunilyize and birth
order on children’s educatio@uarterly Journal of Economick0, 669-700.

Berk, J., Green, R., 2004. Mutual fund flows and performance in rational maduatsal of Political
Economyl112, 12691295.

Berk, J., Van Binsbergen, J., 2015. Measuring managerial skill in the mutuahéwsdry.Journal of
Financial Economic4.18, 1-20.

Bogue, D., 2000. Census Tract Data, 1940: Elizabeth Mullen Bogue File. ICPSR02930-v1bann Ar
MI: Inter-university Consortium for Political and Social Researcstifidiutor].

Bowles, S., Gintis, H., Osborne, M., 2005. Unequal chances: Family background and ecutoess,
Princeton, NJ: Russell Sage and Princeton University Press.

Brand, J., Xie, Y., 2010. Who benefits most from college? Evidence for negagegmsein
heterogeneous economic returns to higher educa&merican Sociological Reviems, 273—-302.

Calvé-Armengol, A., Jackson, M., 2004. The effects of social networks on empibgingtinequality.
American Economic Reviedd, 426—-454.

Carhart, M., 1997. On persistence in mutual fund performdocenal of Financé&2, 5732.

Carneiro, P., Heckman, J., Vytlacil, E., 2011. Estimating margindl average returns to education.
American Economic Reviel®1, 2754-2781.

Chapman, D., Evans, R., 2010. The portfolio choices of young and old active mutual funénhanag
Working paper

Chaudhuri, R., Ivkovi, Z., Pollet, J., Trzcinka, C., 2016. What a difference a Ph.D. mbka® than
three little lettersWorking paper

Chen, J., Hong, H., Huang, M., Kubik, J., 2004. Does fund size erode mutual fundhpede®? The role
of liquidity and organizationAmerican Economic Reviedv, 12761302.

Chetty, R., Friedman, J., Hilger, N., Saez, E., Schanzenbach, D., Yagan, D., 2011. How does your
kindergarten classroom affect your earnings? Evidence from Proja&.SJuarterly Journal of
Economicsl26, 15931660.

Chetty, R., Hendren, N., Kline, P., Saez, E., 2014. Where is the Land of Opportunitygogrepdy of
intergenerational mobility in the United Stat@uarterly Journal of Economick?9, 15531623.

Chevalier, J., Ellison, G., 1997. Risk taking by mutual funds as a responsentivexdournal of
Political Economy105, 116#1200.

Chevalier, J., Ellison, G., 1999. Are some mutual fund managers better tha&? @haess-sectional
patterns in behavior and performandeurnal of Finances4, 875899.

Cohen, L., Frazzini, A., Malloy, C., 2008. The small world of investBigard connections and mutual
fund returnsJournal of Political Economy16, 9531979.

Cronqvist, H., Makhija, A., Yonker, S., 2012. Behavioral consistency in corporate&n@EO personal
and corporate leveragaournal of Financial Economict03, 2640.

33



Cronqvist, H., Siegel, S., 2015. The origins of savings behaldarnal of Political Econom$23, 123
169.

Crongvist, H., Siegel, S., Yu, F., 2015. Value versus growth investing: Why do differestors have
different stylesJournal of Financial Economick17, 333349.

Elliott, J., Frickel, S., 2013. The historical nature of cities: A studylodinization and hazardous waste
accumulationAmerican Sociological Revien8, 521543.

Dahl, M., DeLeire, T., 2008. The association between children’s earnings and'flifttine earnings:
Estimates using administrative data. Institute for Research on Y&recussion Paper No.
1342-08.

Deuskar, P., Pollet, J., Wang, Z., Zheng, L., 2011. The good or the bad? Which mutual funasnanage
join hedge fundsReview of Financial Studigs}, 30083024.

Fama, E., French, K., 1993. Common risk factors in the returns on stodksndsJournal of Financial
Economics33, 3-56.

Fracassi, C., Tate, G., 2012. External networking and internal firm goverdanceal of Finances7,
153-194.

Gaspar, J., Massa, M., Matos, P., 2005. Shareholder investment horizons andk¢héomeorporate
control.Journal of Financial Economics6, 135-165.

Grinblatt, M., Titman, S., Wermers, R., 1995. Momentum investment gigajeportfolio performance,
and herding: A study of mutual fund behavidmerican Economic Revie®b, 10881105.

Gruber, M., 1996. Another puzzle: The growth in actively managedahfuitnds.Journal of Financeb1,
783-810.

Heckman, J., Stixrud, J., Urzua, S., 2006. The effects of cognitive andgmiinee abilities on labor
market outcomes and social behavimurnal of Labor Economic24, 411+482.

Hong, H., Kostovetsky, L., 2012. Red and blue investing: Values aadcinJournal of Financial
Economicsl03, 1-19.

Hu, F., Hall, A., Harvey, C., 2000. Promotion or demotion? An empirical investigatibe of t
determinants of top mutual fund manager chaWégrking paper

Ivkovi , Z., Weisbenner, S., 2009. Individual investor mutual fund flodaurnal of Financial
Economic®2, 223-237.

Kacperczyk, M., Sialm, C., Zheng, L., 2008. Unobserved actions of mutual. RRedew of Financial
Studies?1, 2379-2416.

Kacperczyk, M., Van Nieuwerburgh, S., Veldkamp, L., 2014. Time-varying fund manaijedshrnal
of Finance69, 14551484.

Kacperczyk, M., Van Nieuwerburgh, S., Veldkamp, L., 2016. A rational theory of mutual fattehtion
allocation.Econometrice84, 571626.

Kempf, E., Manconi, A., Spalt, O., 2016. Learning by doing: The value of experience anigjithe ajr
skill for mutual fund manager8vorking paper

Khorana, A., 1996. Top management turnover: An empirical investigation of mutual &madyers.
Journal of Financial Economic40, 403—-427.

Lan, C., Moneta, F., Wermers, R., 2016. Mutual fund investment horizon and perforkivankiag
paper

Li, H., Zhang, X., Zhao, R., 2011. Investing in talents: Manager characterigfitedge fund
performanceslournal of Financial and Quantitative Analygi§, 59-82.

Mazumder, B., 2005. Fortunate sons: New estimates of intergenerationatyrohlifie United States
using social security earnings da®aeview of Economics and Statist8% 235-255.

McPherson, M., Smith-Lovin, L., Cook, J., 2001. Birds of a feather: Homophily in sociadnketw
Annual Review of Sociolo@y’, 415-444.

Mehrotra, V., Morck, R., Shim, J., Wiwattanakantang, Y., 2013. Adoptive expectatisitg] Bons in
Japanese family firmgdournal of Financial Economics08, 840—854.

34



Pastor, L., Stambaugh, R., Taylor, L., 2016. Do funds make more when they tradd ooona® of
Finance forthcoming.

Patel, S., Sarkissian, S., 2016. To group or not to group? Evidence from mutual fund databasss
of Financial and Quantitative Analysi®rthcoming.

Pool, V., Stoffman, N., Yonker, S., 2012. No place like home: Familiarity in mutual fundyerana
portfolio choice Review of Financial Studiegb, 25632599.

Pool, V., Stoffman, N., Yonker, S., Zhang, H., 2016. Do shocks to personal wealth affectinighrtak
delegated portfolios®/orking paper

Reeves, R., Howard, K., 2013. The glass floor: Education, downward mobility, and opgdraanding.
Brookings Institution research report.

Schmidt, F., 2002. The role of general cognitive ability and job performanceth&igycannot be a
debateHuman Performancé&5, 187210.

Sirri, E., Tufano, P., 1998. Costly search and mutual fund fldsgnal of Financé3, 15891622.

Sugrue, T., 1995. Crabgrass-roots politics: Race, rights, and the reaction ldgmssm in the urban
North, 1940-1964Journal of American Histor2, 55+578.

Yermack, D., 2014. Tailspotting: Identifying and profiting from CEO vacati@s.tfournal of Financial
Economicsl13, 252269.

35



Appendix 1. Matching of Fund Managers and Identification of TheirAncestry

1.A Matching of fund managers to the Lexis Nexis Public Recordé NPR) database

To identify the manager in LNPR, we first establish hils iame and age. In our sample, there are no
cases of multiple fund managers with identical full names, regardlesg of

To establish a manager’'s age, we use the annual editionsNélden's Directory of Investment
Managers, which was first published in print in 1988 and wasflasitewed by electronic versions. For a
minority of managers, we obtain data on the fund manager's agdudrmhregistration filings available
from the SEC. For managers who do not appear in these sourceagghose who finished their careers
before 1988), we approximate a manager’'s age from the datllefe graduation, which we retrieve
from the manager’s biography or obtain by contacting the university registra

Next, we obtain the most complete version of the manager’'s naolading the full middle
name and name suffixes, such as Jr., Sr., or Ill. If the manag&te name is abbreviated in fund
records to a one-letter initial, we first establish the cetepmiddle name (e.g., the full middle name
“Atkinson” that spells out the middle initial “A”). For the maify of managers, we are able to establish
the complete names and name suffixes by using the FinancialrindRegjulatory Authority (FINRA)
investment adviser registration records. These records indlote active and inactive investment
professionals who are or were registered as investment esdgaise went through the security industry's
registration and licensing process. Because these repottesed on official registration records, they
include the most complete versions of managers’ names. Wehasmanager's employment history
provided in FINRA reports to confirm the accuracy of the match.

Using the manager’s full name and age, we search fonthaager nationwide in LNPR. After
we establish a match based on the name and age, we require matioiiiof the match according to one
of the following criteria: (a) the individual's LNPR employmeatords include the company where the
fund manager has worked; (b) the individual’'s email addressé®NPR indicate the domain of the
company where the fund manager has worked (e.g., @fidelity.comhe(o)dividual lists his occupation
on voter registration records as “portfolio manager”, “investhmanager”, or “investment adviser”; (d)
the individual's professional licenses in LNPR include theséhé securities industry; (e) one of the

individual's addresses in LNPR matches the official business adifrtesfund manager’'s company.
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1.B Identifying the ancestry of fund managers

We follow a three-step algorithm to identify a manager’s abakl in the census by sequentially
checking three types of records—birth, marriage, and death—for the enamraghis relatives.

In the first step in this process, we retrieve a manadsrth record by using his or her name
(including the full middle name), date of birth (year and month, fsomial security records in LNPR),
and the state issuing the manager’s social security number IINPR). Birth records are available from
the health department of each state, and we retrieve tlzethevdatabase maintained by the genealogy
research service ancestry.com. The exhibit below provides ampkxaf a birth record in our sample.
The amount of detail in each record varies by state: sones staivide the full names and birth places of
both parents, others provide these data for only one parent,ilanthsts provide only the date of birth
or place of birth.

If the full names of the manager’s parents are not available frobirtheecord, we proceed with
the second step, which investigates the manager's margaged(s). This analysis is motivated by the
fact that some marriage records provide the names of thetpafahe bride and the groom (the format
of the marriage record varies with the state of maryiafjge exhibit below illustrates this by showing an
example of a fund manager’'s marriage record in our sample eWeve the fund manager’'s marriage
record from the database of state marriage records maidtai ancestry.com and establish a unique
match by obtaining the full names and birth years of the lamdiethe groom. We identify the manager’s
spouse, including ex-spouses, from the manager's home deed recordbleaviai LNPR. In the
overwhelming majority of cases, the manager’'s home deedsrdten to both spouses. For managers
that have had multiple spouses, we check marriage recotdsalvithe spouses. If the names of the
manager’s parents do not appear on the marriage record, wah d$em the announcement of the
manager’'s engagement or marriage in the digital newspapkiva provided by the University of
Michigan library, which contains historical copies of over 3,@blications, including small local
newspapers. Marriage announcements usually identify the parentshoidénend the groom.

If we are unable to identify the manager’s parents in tisetivo steps, or if we need to confirm
other members of the household, we proceed with the analysis of deatts: Using social security
records, LNPR identifies deceased individuals and showsdhatgrof death. For fund managers that are
deceased at the time of writing, we obtain their obituarieselyching the digital archive of newspaper
publications and the database of obituaries maintained by theespravider legacy.com. These records
provide information on the manager’'s parents and siblings (an exasmghown in the exhibits below).
For the rest of the managers with missing data, we searabituaries of their parents, most of whom
are deceased at the time of writing. Because obitugnpésatly discuss the surviving members of the
family and their spouses, we identify the managers’ parentscaging the obituaries where the manager
and his spouse are listed as the surviving family memberse ®eesches bring up the obituaries of
managers’ parents and siblings and allow us to reconstructntire immediate family of the fund

manager.
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1.C Examples of records

Birth record

TEXAS DEPARTMENT OF HEALTH

BUREAU OF VITAL STATISTICS _______ =
CYCLE: 01 THROUGH 99 1940 BIRTHS. PAGE 1143
e NAME COUNTY RAIE SEX _MQTIHER EATHER
137 NOYV 25 M HULBER P
058 APR_16 M ieiidnss YDA FRANCIS
_— [IEY A0E_08 2] JUREK, _LILLIE_FAE TE ”

Marriage record

ciTy CERTIFICATE OF MARRIAGE e
COUNTY OF mmm l.}fja 50
¥ é‘ FULL NAME OF GROOM CLERK'S NO. ‘37
T Tt Samn Nege e
£y GROOM BRIDE
'§§§ AGE RACE SINGLE, WIDOWED, NO. TIMES AGE RACE SINGLE. WIDOWED, NO. TimES
:j OR DIVORCED | PREV. MARRIED OR DIVORCED PREV. MARRIED
.;%g 22 | whitd single 0 21 | whité single 0
-
gl Banker First Union e
5%% OCCUPATION : Q:rngm:uu iagionai occuma L':."&’L’.‘Jm
gfgf srmacy Charlotte, North Carolina|| . . =~ Richmond, Virgina
£38
2;2 pammes ruwens,  John Garland
o2 e,
BET| womere, M Margazet
8 tg‘“ H. ) RESIDENCE:
%55 ‘EET%:%‘::.}. 15%%’1‘ t‘si 3 :’ 3:1&:%\24::“ 207 m..t Dr:tva /7'L 5
i%«| Proposed Proposed "
Z = "E Datlmui Marriage November 7th, 1964 Place of Marriage Henrico County, Va.
358 . 6t Hfovenber 64
i iven under my hand this day of i
23 o o 07 Henrieo Cireuit
%13 ' : Aotk of Court,
. 9 ﬁ ﬁE TIFICATE OF DATE AND PLACE OF MARRIAGE e o2
, -3
z‘ga I, - arusam A a jn...u‘lw-_f of the A‘f&t_..)i‘:hurdﬂ,
; e
33| or religious order of that name, do hereby cortify that on e D= gy ot Soltatne w0
s7|| the couaty, city, or town of M— , Virginia, under authority of this license I joined . -
e together in the Holy State of Matrjmony the persons named and described therein. I qualified and gave bond in ~~ =
gé 4 the comaty or city of M year 19&1_, which authorizes me to cele-
5§ brate the rites of marriage in the Cognmonwealth of Virginia,
é d s_'l_‘E_da L{
o TF Given under my d thi y o p 19
L ] braxit @mﬁi: } !5 ~
] Address of cele (Person who performs ccremony ‘sign here.)
Obituary

; assed away peacefully on Thursday (January
31, 2002) after a courageous battle with leukemia. He was born April 12, 1941 in Bridgeport and was the son of the late
Tyler A. and Frances Conra //A He was raised in Fairfield with his sisters, Gail Nyholt of Branford and Janet
Henderson of North Stonington. David was a U.S. Air Force Captain. He graduated from Occidental College, Los Angeles,
CA, and received his MBA from UCLA. Dave loved his work and was admired by his colleagues. He strove to be well
informed and was always willing to share his insights and expertise. After receiving his CFA designation, he began his
career in investment management; he was an Associate Investment Officer for First National Bank, NY; Registered
Investment Advisor for Monness, Williams, and Sidel, NY; Vice President, Senior Portfolio Manager of Employee Benefits
for the former Connecticut Bank and Trust, Hartford; Managing Director, Senior Equity Portfolio Manager at CIGNA
Investments, Inc., Bloomfield; Vice President, Senior Portfolio Manager at Benefit Capital Management Corp., Danbury;
and most recently was the Vice President of Equities for the Knights of Columbus, New Haven. Giving back to society was
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Death records

T Name: Joseph A7
Birth Date: 9 May 1914
Birth Place:  Qhio, United States
Gender: Male
Race: White
Residence Place:  Butler, Ohio, United States
Residence Zip Code:  44001-2064
Death Date: 11 Jun 2007
Death Time:  09:40 AM
Death Place:  QOhio, USA
Certificate: 051117
Age at Death: 93

Registrar's Certificate 049413
Number:

Certifier:  Physician

Method of

Disposition;  Durial

Hospital Status:  Inpatient

Father's Surname: W
Marital Status:  Widowed

) High School Graduate or GED
Education:
Completed

Industry of Decedent:  Steel Manufacturing

Occupation of . .
Decedent: Rolling Mill

Census Tract: 35093050300
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1.D Sample construction cascade

All qualifying managers from Morningst
1762

Not found in Lexis
92

Found in Lexis
1670

1236

Born after 194

Born in or before 1945

434

D

Confirmed oversee
during Census

18

Possible
during

416

in the U.S.
Census

Not found in Census

Found in Censlt

29 387
1.E Comparison of the samples: managers found and nodéind in Censu:
Not found Found Diff.
mean median mean median (t-stat)
0.000
Monthly net alpha, pp -0.054 -0.077 -0.054 -0.057 (0.02)
-0.001
Monthly gross alpha, pp 0.041 0.014 0.040 0.030 (-0.04)
Year of birth 1940.7 1942.0 1938.4 1940.0 2.3
(-1.83)
Career length, years 12.67 11.25 13.02 11.33 035
(0.20)
Private university, indicator 0.67 1.00 0.65 1.00 (8(1)%
Ivy League institution, indicator 0.11 0.00 0.18 0.00 (8'32)
5.3
SAT rank 77.2 81.0 82.5 88.0 (1.64)
- 0,
Admission rate 49.5% 50.0% 46.8% 43.5% (_%Zg")
Tuition, $ 17,1658  18,797.0 18,6594 23,7750 1(6‘%37')6
A 0.08
MBA degree, indicator 0.52 1.00 0.60 1.00 (0.83)
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Appendix 2. 1940 Federal Census Form

2.A Form template
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2.B Example of a filled record

A
L

“R” indicates a rented accommodation
Rent is given at $200 per month
“No” indicates that the property was not a farm

This block shows the composition of the household

The columns (from left to right) show: the nameta resident, his/her relationship to the headhef t
household, census code for the type of residentjeyerace (“W” for white), age at the time of the
census, marital status, whether the resident wasdihg school or college, highest grade of edonati
completed, education code, and the state of birth

42

The occupation of the father is given as “Stockkrbland the place of
employment as “Bonding Company”

“PW” indicates the type of employment: private werk

The last two columns give the number of weeks wibikea year and th
income, respectively (52 and $5000 for the father)

The last two rows show the data for the residenases



Appendix 3. Definitions of Variables Used in The Analysis

The indexing convention is as follows:denotes a managé¢rienotes a fund,denotes a montff,

denotes a calendar quarter.

Variable name

Description

Household wealth

Fatherincome,
actual,

Fatherlncome,
multiples of state median

Housing,
multiples of state mediagn

Wealth,,
or Wealth, multiples of state medign

Wealth rank;,

WealthQx,

WealthHigh,

The annual income of manague's father as per the Census record. This
variable is expressed in $000.

The annual income of manague's father divided by the median male
income in the state of the household.

Either the home value or the rent of managsrhousehold (these
variables are available for complementary subsashliwided by the
median of the respective statistic in the statdhefhousehold.

Is equal to managen's father income, if reported, expressed in mudspl
of the median male income in the state of the hmnigeis equal to the
home value or the rent expressed in multiples @fstate median, if the
father income is not available.

Is equal to 0.01 times the percentile rank of manats father income, if
reported, and to 0.01 times the percentile rarditber the home value or
the rent, if the father income is not available.

An indicator variable equal to 1\Wealth,, falls in the ¥' quintile of the
distribution.

An indicator variable equal to 1\Wealth,, is above the median in the
sample.

Managers' and parents' characteristics

UniSATRank,

UniAdmissionRatg

UniTuition,

UniTuitionRank;,

HasPhD,,

0.01 times the 2004 national percentile rank of ag@nm's undergraduate
educational institution by median SAT score.

The 2004 undergraduate admission rate of mamagaindergraduate
educational institution.

The 2004 undergraduate in-state tuition (in $0G0hanagem's
undergraduate educational institution.

0.01 times the 2004 percentile rank of managerundergraduate
educational institution by undergraduate in-statan.

An indicator variable equal to 1 if managmiholds a PhD degree.
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ParentsEdy,

NumberOfSiblings,

Immigrant,,

UnemploymentAtEntry

ParentsDeag,t

The average education attainment score of mamagenother and father.
The education attainment score is equal to 3 ip#mson attended college,
2 if he/she attended high school but not collegéh#&/she attended
elementary school but not high school, and 0 i§lhe/has no school
education.

The number of siblings for manager

An indicator variable equal to 1 if either managenimself is born
outside of the U.S. or both his father and mother@rn outside of the
uU.s..

The average monthly unemployment rate (in pp) énytbar that manager
m joined the mutual fund industry.

An indicator variable equal to 1 if both manages father and mother
died before the year of quarferThis variable is set to missing if either
the mother or the father died in the year of quarte

Performance measures

Alpha; (Gross Alphag)

Benchmark-Adjusted
Return

Abnormal Return
Over Benchmark

Value Extractegl

PastGAlphay,

PastAlphg;

PastAlphalowy

PastAlphaHigh

Fundj's net (gross) return in montiminus the fitted value from the four-
factor model for which the loadings are estimateerahe periodtf1, t-
36]. If the estimation period contains fewer th@®n®n-missing
observations, the variable is set to missing. Vargable is expressed in

pp.

Fundj's gross return in monttminus the return on the fund's prospectus
benchmark index. This variable is expressed in pp.

Fundj's gross return in monttminus the fitted value from the one-factor
model, where the factor is the fund's benchmarksxn@turn. The
loadings in the model are estimated over the pdtiddt-36]. If the
estimation period contains fewer than 30 non-mgssipservations, the
variable is set to missing. This variable is expeelsin pp.

Dollar value extracted from capital markets comguds the product
between fung's gross alpha in monttand the fund's TNA at the end of
montht-1. The fund's TNA is standardized to 2012 doltayshe
Consumer Price Index of the Federal Reserve Basit.dfouis. This
variable is expressed in $mil.

Managem's average gross monthly alpha (in pp) in the piti®0t-1].
Fundj's average net monthly alpha (in pp) in the pefie®bt-1].

Is equal toPastAlphg; , if PastAlphg; 0;
is equal to 0, iPastAlphg; > 0.

Is equal to O, iPastAlphg, 0;
is equal taPastAlpha, , if PastAlphg, > 0.
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Fund and fund family controls

FundSize

FundAggmn

ManagerTenurgr

FirmSizeymn

FirmLogNumFundsgr

Volatility it(T)

Skewnesgn

Log(1 + fundj's TNA in $000 at the end of montliquarterT)).

The time in years from the month of fujisl first appearance in the sample
to the end of month(quarterT).

The time in years from the month of managés first appearance in the
sample as a manager of funi the end of month(quarterT).

Log(1 + fundj's total family TNA in $000 at the end of mortfguarter
).

Log(the number of funds in furjt fund family at the end of month
(quarterT)).

The standard deviation of fulid monthly returns (in pp) over the period
[t-35,1] ([T-35,T)).

The skewness of furjs monthly returns (in pp) over the periaeBp, t]
([T-35,T)).

Promotion and exit indicators

Promotion, AUM-Inferredh

Promotion, Fee-Inferreg;

Exit From Asset Management

An indicator variable equal to 1 if the total dolessets managed by
managem of fundj at the end of monthis more than double the assets at
the end of month-1.

An indicator variable equal to 1 if the total maeagnt fee accruing to
managem of fundj at the end of monthis more than double this fee at
the end of montlr1. The total management fee is calculated asuthe s
(across all the funds managed by the manager)naff TINA * fund
expense ratio / number of managers running the. fund

An indicator variable equal to 1 if montlis the last month that manager
m of fundj appears in the sample. This variable is undefihesbntht is
December 2012 (end of the sample period). Thisabériis undefined if
either of these two conditions hold for manage(i) the manager appears
as either an insurance fund or a hedge fund mamadéorningstar in the
next twelve months after leaving, or (ii) the ma@adies in the same or
next year after leaving.

Portfolio activity and flows

Turnoverr

The annualized ratio (in pp) of the sum of the &lisadollar changes in
fundj's stock positions from quart&rl to quarteiT to the average fund
portfolio size in these adjacent quarters. Formally

whereNS;r is the number of shares of stadkeld by fund at the end of
quarterT, Py is the price of stockat the end of quartdi, andTNAy is the
dollar total net assets of fupdt the end of quartdr.
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Holding Horizony

Herding;r

Stock Pickingr

Market Timingr

Flow

For each stockin fundj's portfolio at the end of quart€r we calculate
the average number of months that its shares #&drhthe portfolio using
the FIFO assumption of Lan, Moneta, and Wermerdg2Next, we
aggregate this variable to the fund level as thighted average measure
in which the weights are proportional to the stogkstfolio weights.

We construct a hypothetical style portfolio by aggating (for each stock
and quarter) the dollar positions of all fundshe style. Next, for funglin
quarterT we compute the correlation (across all the statkise style
portfolio) of the percentage changes in the nunalbshares held by fund
from quarterT-1 to quarteiT with the corresponding changes in positions
of the style portfolio. This variable is expresaegp.

Is equal to

wherew;r is the weight of stockin fundj's portfolio at the end of quarter
T, wyit is the weight of stockin the market portfolio (the benchmark
portfolio of all funds in the Morningstar investniestyle),r;r is the return
of stocki in quarterT, ryr is the market (CRSP value-weighted index)
return in quartef, and ;1 is the beta of stock(computed from the one-
factor model over the period of the past 36 montfisg Kacperczyk, Van
Nieuwerburgh, and Veldkamp (2014) for details. Nasiable is
expressed in pp.

Is equal to

See the previous item for details.

The percentage flow (in pp) for fupdn montht computed as

", $% L1,
E

#

whereTNA, is the dollar total net assets of funak the end of monthand
i is fundj's gross return over month
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Figure 1.A Distribution of annual incomes in 1940: general male popation vs managers' fathers
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Income

Figure 1.B Distribution of years of education completed: general mia population vs managers'
fathers
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Table 1. Sample Description

This table shows summary statistics for the mampda of 387 managers born in or before 1945 (sepeAgdix 1 for the sample construction
description). Data on managers' careers and educate obtained from Morningstar/FactSet managegraphies and are complemented with
university records. Managers' parents' househdll @@ from the 1940 Census household recordst-Tenael demographic variables are computed
from the summary files for the 1940 Census comgile&lizabeth Bogue. Mutual fund and family chaeaistics are from Morningstar.

Panel A: Managers and funds

5 perc. 10 perc.25 perc. median 75 perc. 90 perc. 95 perc.

1925.0 1930.0 1936.01940.0 1943.0 1945.0 19450
2.50 3.33 6.17 11.33 18.33 26.08 31.17
0.00 0.00 0.00 1.00 1.00 1.00 1.00
0.00 0.00 0.00 0.00 0.00 1.00 1.00
50.0 62.0 73.0 88.0 97.0 98.0 99.0

11.0% 13.0% 23.0% 43.5% 70.0% 83.0% 88.0%

3,324.0 3,916.0 5,670.0 23,775.0 28,400.0 29,318.0 29,846.0
0.00 0.00 0.00 1.00 1.00 1.00 1.00
0.00 0.00 0.00 0.00 0.00 0.00 0.00

-7.330 -4.860 -1.710 1.230 3.905 6.713 8.600
-2.915 -2.094 -0.997 -0.057 0.876 1.969 2.833
-2.809 -2.005 -0.906 0.030 0.968 2.067 2.946
2351 2.657 3516 4.600 5.762 7.032 8.156
7.22 1338 4891 193.85 830.95 2,924.8291.42

5 perc. 10 perc.25 perc. median 75 perc. 90 perc. 95 perc.

1,500.0 2,040.0 4,000.0 7,000.0 12,000.025,000.0 30,000.0
13.00 18.00 30.00 40.00 55.00 90.00 166.00
0.00 0.00 0.00 1.00 2.00 3.00 4.00
0.00 0.00 0.00 0.00 0.00 1.00 1.00

1888.0 1894.0 1902.0 1908.0 1913.0 1917.0 1918.0
500.0 700.0 1,200.02,000.0 3,100.0 5,000.0 5,000.0

8.0 8.0 12.0 14.0 16.0 17.0 17.0
0.00 0.00 0.00 1.00 1.00 1.00 1.00

1893.0 1899.0 1906.0 1911.0 1916.0 1919.0 1921.0
130.0 240.0 600.0 864.0 1,100.0 1,300.0 1,500.0

8.0 8.0 12.0 12.0 15.0 16.0 16.0
0.00 0.00 0.00 0.00 1.00 1.00 1.00

mean  st. dev.
Managers (2004 data for educational institutions)
Year of birth 1938.4 6.7
Career length, years 13.02 9.04
Private university, indicator 0.65 0.48
vy League institution, indicator 0.18 0.39
SAT rank 82.5 15.5
Undergraduate admission rate 46.8% 26.1%
Undergraduate in-state tuition, $ 18,659.411,036.7
MBA degree, indicator 0.60 0.49
PhD degree, indicator 0.04 0.19
Managed funds' characteristics
Monthly return, pp 0.985 5.146
Monthly net alpha, pp -0.054 1.696
Monthly gross alpha, pp 0.040 1.698
Volatility (three-year trailing), pp 4.823 1.876
Total net assets, $mil 1,778.017,988.06
Panel B: Parents' households
mean  st. dev.
Managers' parents' household (1940 Census data)
Home value, $ 10,708.012,605.1
Monthly rent, $ 54.46 61.68
Number of siblings 1.43 1.39
Resident servants, indicator 0.16 0.37
Father
Year of birth 1906.2 9.9
Income, $ 2,298.2 1,386.3
Years of education 13.3 3.2
Attended college, indicator 0.56 0.50
Mother
Year of birth 1909.7 8.9
Income, $ 842.6 421.6
Years of education 12.7 2.8
Attended college, indicator 0.47 0.50
Tract-level demographics (1940 Bogue files)
Median home value in the tract, $ 5,949.0 4,378.1
Median rent in the tract (gross) $ 46.25 15.49
Median education years in the tract 10.50 4.39
Household home value relative to the tract median  1.22 0.53
Household rent relative to the tract median 1.23 0.91
Father's education relative to the tract mediagma  1.31 0.38

0.0 2,042.03,380.5 5,331.0 6,961.0 10,200.20,000.0
23.92 30.75 37.24 46.27 53.69 62.19 69.89
7.70 8.00 8.57 9.55 12.22 12.53 12.69
0.68 0.70 0.86 1.03 1.47 1.97 2.35
0.52 0.65 0.81 0.96 1.31 1.77 3.44
0.90 0.92 1.03 1.30 1.45 1.86 2.05
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Table 2. Univariate Relationships
Panel A of this table shows correlation coefficieatmong managers' and households' characterBtogl B shows mean and median values for the Vesialp interest for each quintile of
the managers' household wealth distribution asipdosy the father's income and home value/renedday the state median. Exact variable definitiresdetailed in Appendix 3.

Panel A: Correlations

Number Tract Ivy

Father Home Tract Parents'  Private SAT Adm. . MBA PhD
income  value Rent . O.f home rent education university L_eague rank rate Tuition degree degree
siblings value inst.

Father income 1.000

Home value 0.445 1.000

Rent 0.627 1.000

Number of siblings 0.005 0.078 0.027 1.000

Tract home value, median 0.369 0.094 0.228 0.151 1.000

Tract rent, median 0.360 -0.138 0.499 0.164 0.589 1.000

Parents' years of education 0.334 0.224 0.273  -0.074 0.209 0.224 1.000

Private university 0.279 0.211  0.254 0.008 0.199 0.150 0.129 1.000

Ivy League institution 0.307 0.315 0.218 -0.025 0.192 0.195 0.174 0.344 1.000

SAT rank 0.396 0.312  0.263 0.012 0.231 0.174 0.242 0.422 0.462 1.000

Admission rate -0.354  -0.348 -0.238 -0.025 -0.191  -0.225 -0.206 -0.452 -0.575  -0.776 1.000

Tuition 0.362 0.246  0.306 0.029 0.268 0.226 0.198 0.899 0.433 0.612 -0.590 1.000

MBA degree, indicator -0.195  -0.027 -0.195 -0.037 -0.213  -0.027 -0.002 -0.040 -0.041  -0.050 0.028 -0.041 1.000

PhD degree, indicator -0.076  -0.110 -0.035 0.037 -0.049  -0.059 0.040 -0.112 -0.094  -0.055 0.096 -0.096 -0.025 .00
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Panel B: Family wealth quintiles

Q1

Q2 Q3 Q4 Q5

mean median mean median mean median mean median mean median
Wealth, multiples of the state median 0.75 0.78 1.49 1.48 2.17 2.19 3.30 3.25 6.69 5.10
Wealth rank 12.55 10.50 35.87 35.50 54.60 58.00 69.72 75.00 85.03 91.00
Father income, $ 752.8 728.0 1,524.1  1,560.0 2,191.2  2,240.0 3,133.7  3,200.0 4,641.4  5,000.0
Home value, $ 3,649.2 24511 5,568.8  4,995.0 7,166.2  6,300.0 9,315.7  7,500.0 20,054.1 14,250.0
Monthly rent, $ 31.62 27.50 33.64 35.00 43.02 43.00 53.45 50.00 147.20 97.50
Number of siblings 1.80 1.00 1.18 1.00 1.41 1.00 1.18 1.00 1.64 1.00
Number of resident servants 0.03 0.00 0.05 0.00 0.10 0.00 0.21 0.00 0.96 1.00
Monthly net alpha, pp -0.037 -0.053 -0.016 -0.032 -0.033 -0.029 -0.078 -0.069 -0.105 -0.103
Monthly gross alpha, pp 0.062 0.040 0.062 0.040 0.061 0.058 0.010 0.012 -0.003 -0.011
Parents' years of education 115 12.0 12.4 125 12.9 13.0 13.7 14.0 14.6 15.0
Parents attended college, indicator 0.40 0.00 0.57 1.00 0.65 1.00 0.75 1.00 0.89 1.00
Private university, indicator 0.54 1.00 0.61 1.00 0.59 1.00 0.75 1.00 0.78 1.00
vy League institution, indicator 0.05 0.00 0.15 0.00 0.11 0.00 0.28 0.00 0.32 0.00
SAT rank 74.2 73.5 80.4 81.0 81.3 87.0 87.5 92.0 89.1 95.0
Admission rate 56.9% 64.0% 49.7% 54.0% 50.3% 49.0% 40.3% 35.0% 36.9% 24.5%
Tuition, $ 15,349.4 17,137.0 17,285.3 18,5050 17,153.5 20,193.0 21,596.3 27,535.5 22,602.4 28,090.0
MBA degree, indicator 0.64 1.00 0.70 1.00 0.58 1.00 0.64 1.00 0.42 0.00
PhD degree, indicator 0.06 0.00 0.04 0.00 0.03 0.00 0.01 0.00 0.03 0.00
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Table 3. Family Wealth and Performance of Fund Managers

Panel A of this table shows the regressions oftihds' four-factor monthly alphas (in pp) on twéative measures of the manager's household
wealth in 1940. The alpha is defined as the netrmedf the fund minus the return predicted by terffactor model estimated over the trailing
36 months. The main independent variable—wealth uttiptes of the state median—is equal to the mansdether's income, if reported,
scaled by the median male income in the statefatite home value or the rent scaled by the resjgestate median, if the father income is not
available. Wealth rank is equal to the percentilekrin the sample (in pp) of the manager's fatliecsme, if reported, and to the percentile rank
of either the home value or the rent (these vaggmhblre defined on non-overlapping subsampled)giffather income is not available. Panel B
shows the results for additional proxies of wedltie actual father income (in $000), father incameultiples of the state median, home value
or rent in multiples of the state median, and thmuohy variables indicating quintiles of the wealibtdbution (main measure). Panel C shows
the results for alternative measures of investpenformanceGross Alphain pp) is computed as the fund's before-feesmetuexcess of the
return predicted by the four-factor modBeEnchmark-Adjusted Retufm pp)is the fund's return net of the prospectus benckinaex return,
Abnormal Return Over Benchma(ik pp) is the fund's return minus the return predl by the benchmark-based one-factor model, \éatde
Extractedis the dollar measure of the value extracted foapital markets (in $mil) computed as the prodetitvieen the fund's gross alpha and
the fund's inflation-adjusted TNA (expressed in 2@bllars) at the end of the previous month. Thetrod variables capture key mutual fund
and fund family characteristics as well as educatioaracteristics of the fund manager and his parde values of time-varying controls are
taken at the end of the month preceding the ob8ervanonth. Exact variable definitions are detailedAppendix 3. The inclusion of
Morningstar fund style fixed effects and time fixeffects is indicated at the bottom of the taBlstatistics (reported in parentheses) are based
on standard errors clustered at fund manager leg¢e).” ) indicates the significance of the coefficienttat 10% (5%, 1%) level.

Panel A: Main analysis

Indep. variables 1) ) 3) (4) (5) (6) @) (8) 9) (10)

Wealth, -0.0100” -0.0118" -0.0118" -0.0120" -0.0158"

multiples of state
me di‘;n (-3.19) (-3.63) (-3.65) (-3.55) (-4.12)
Wealth rank -0.0507 -0.0755" -0.0765" -0.0709" -0.0932"
(-1.75)  (-2.58) (-2.59) (-2.39) (-3.03)
FundSize -0.0412" -0.0402" -0.0411" -0.0427" -0.0397" -0.0392" -0.0380" -0.0388" -0.0407" -0.0373"
(-5.068)  (-4.87) (-4.99) (-5.26) (-4.73) (-4.83) (-4.63) (-4.74) (-5.02) (-4.46)
FundAge -0.0003 -0.0005 -0.0006 0.0000 -0.0011 -0.0003 -0.0005 -0.0006 0.0000 -0.0011
9 (-0.20)  (-0.33)  (-0.40)  (0.03)  (-0.75) (-0.23) (-0.36) (-0.43) (0.02) (-0.76)
0.0019 0.002f 0.0023 0.0025 0.0033 0.0016 0.0018 0.0019 0.0021 0.0028
ManagerTenure
(1.49) (1.71) (1.82) (1.83) (2.48) (1.24) (1.46)  (1.57) (1.55) (2.15)
FirmSize 0.0393” 0.0367" 0.0366" 0.0360" 0.0345" 0.0390” 0.0360" 0.0358" 0.0360" 0.0342"
(4.33) (4.00) (4.00) (3.93) (3.69) (4.33) (3.98) (3.96) (3.97) (3.71)
FirmLogNumFunds -0.0555" -0.0525" -0.0504" -0.0484" -0.0494 -0.0569" -0.0539" -0.0515" -0.0512" -0.0533"
9 (-3.34) (-3.16)  (-3.04) (-2.83) (-2.84) (-3.44) (-3.27) (-3.13) (-3.01) (-3.09)
Volatilit -0.0416 -0.0405" -0.0407" -0.0402" -0.0433" -0.0405" -0.0400" -0.0403" -0.0394" -0.0427"
y (-5.20)  (-5.09)  (-5.11) (-5.09) (-5.48) (-5.17) (-5.08) (-5.10) (-5.02) (-5.40)
SKewness 0.0006” 0.0006™ 0.0006™ 0.0006" 0.0006" 0.0006™ 0.0006™ 0.0006" 0.0006" 0.0006"
(2.79) (2.79) (2.89) (2.68) (2.78) (2.82) (2.82) (2.91) (2.70) (2.79)
. 0.1252 0.0798 0.0014" 0.0009
UniSATRank (1.82) (1.12) (2.00) (1.33)
. o -0.0876" -0.0975"
UniAdmissionRate (-2.39) (-2.59)
ParentsEdu 0.0285  0.0260 0.0244  0.0205
(1.97) (1.70) (1.72)  (1.36)
0.0122 0.0104
HasPhD (0.28) (0.24)
Time F.E. YES YES YES YES YES YES YES YES YES YES
Fund style F.E. YES YES YES YES YES YES YES YES YES YES
Num. obs. 45451 45,190 44,959 44230 42,426 45976 45,715 45484 44,755 42,951
Adj. R-sq 0.0144  0.0146 0.0147 0.0145  0.0150 0.0143 0.0145 0.0146 0.0144  0.0149
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Panel B: Other measures of wealth and its components

Indep. variables Q) 2) 3) (4) (5) (6) ©) (8)
Fatherincome, -0.0284"  -0.0297"
actual (-3.17) (-3.28)
Fatherincome, -0.0284"  -0.0305
multiples of state median (-3.49) (-3.69)
Housing, -0.0069"  -0.0080"
multiples of state median (-3.01) (-3.44)
0.0203 0.0157
WealthQ2 (0.79) (0.60)
-0.0188 -0.0206
WealthQ3 (-0.69) (-0.76)
-0.0577 -0.0775
WealthQ4 (1.90)  (-2.47)
-0.0960"  -0.1017"
WealthQs (327)  (-3.43)
Fund controls YES YES YES YES YES YES YES YES
Manager's controls YES YES YES YES YES YES YES YES
Parents' controls NO YES NO YES NO YES NO YES
Time F.E. YES YES YES YES YES YES YES YES
Fund style F.E. YES YES YES YES YES YES YES YES
Num. obs. 29,767 29,767 29,307 29,307 42,095 40,886 43,635 4262
Adj. R-sq 0.0147 0.0147 0.0149 0.0149 0.0154 0.0154 0.0151 015Q.

Panel C: Alternative measures of performance

Benchmark-Adjusted

Abnormal Return

Value Extracted

Gross Alpha Return Over Benchmark

Indep. variables Q) ) ) 4) (5) (6) ) (8)
Wealth -0.0139" -0.0154" -0.0142” -0.0145™ -0.0107” -0.0103 -0.2780° -0.3934"

(-4.18) (-4.31) (-3.13) (-3.02) (-2.67) (-2.44) (-2.33) (-2.71)
Fund controls YES YES YES YES YES YES YES YES
Manager's controls YES YES YES YES YES YES YES YES
Parents' controls NO YES NO YES NO YES NO YES
Time F.E. YES YES YES YES YES YES YES YES
Fund style F.E. YES YES YES YES YES YES YES YES
Num. obs. 43,629 42,417 42,545 41,394 41,592 40,445 43,626 42,417
Adj. R-sq 0.0155 0.0155 0.0126 0.0122 0.0148 0.0145 0.0036 0.0035
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Table 4. Mediating Effects

This table shows how the effect of the manage®Iusehold wealth on fund alpha varies by diffeoharacteristicdVealth

is measured in multiples of the state median artkfmed as in Table 3VealthHighis an indicator variable equal to 1 if the
manager's family wealth is above the median in sample.NumberOfSiblingds the number of siblings of the manager,
Immigrantis an indicator variable equal to 1 if either thamager himself was born outside of the U.S. or Ihighfather and
mother were born outside of the U.BnemploymentAtEntris the average monthly unemployment rate (in pghe year that
the manager joined the mutual fund industry, BtathagerTenureas the duration in years of the manager’s tentite the fund.
The control variables are the same as in Tableuppfessed for brevity) and capture key mutual famd fund family
characteristics as well as education charactesistithe fund manager and his parents. Exact Vari@dfinitions are detailed in
Appendix 3. The inclusion of Morningstar fund stfileed effects and time fixed effects is indicatgdhe bottom of the tabl&-
statistics (reported in parentheses) are basedtandard errors clustered at fund manager level., ™) indicates the
significance of the coefficient at the 10% (5%, lietel.

Indep. variables (2) (2) 3) 4) (5) (6) (7 (8)
Wealth -0.0284" -0.0148" 0.0214 -0.0220"
(-4.10) (-4.07) (1.37) (-3.61)
. -0.1386" -0.0960" 0.0933 -0.1254"
WealthHigh (-5.50) (-5.07) (1.07) (-4.39)
-, -0.0311" -0.0285"
NumberOfSiblings (-3.50) (-3.81)
i, 0.0070"
*
Wealth * NumberOfSiblings (2.83)
WealthHigh * 0.033¢"
NumberOfSiblings (2.53)
Immiarant 0.1691  0.0852
9 (1.93)  (1.45)
. -0.0564
*
Wealth * Immigrant (-1.69)
. . -0.1799
*
WealthHigh * Immigrant (-1.46)
0.0257" 0.0253
UnemploymentAtEntry (2.28) (2.45)
Wealth * -0.0061
UnemploymentAtEntry (-2.19)
WealthHigh * -0.0305
UnemploymentAtEntry (-2.24)
ManagerTenure 0.0013 0.0021
9 (0.64)  (1.14)
0.0007
*
Wealth * ManagerTenure (1.59)
. 0.0028
*
WealthHigh * ManagerTenure (1.33)
Fund controls YES YES YES YES YES YES YES YES
Manager's controls YES YES YES YES YES YES YES YES
Parents' controls YES YES YES YES YES YES YES YES
Time F.E. YES YES YES YES YES YES YES YES
Fund style F.E. YES YES YES YES YES YES YES YES
Num. obs. 38,648 38,648 42,426 42,426 42,426 42,426 42,426 ,4282
Adj. R-sq 0.0154 0.0158 0.0151 0.0154 0.0151 0.0155 0.0150 015a.
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Table 5. Portfolio Activity and Wealth

This table shows the relationship between the men®mfousehold wealth in 1940 and different measaf@ortfolio activity. All the regressions arenrat quarterly frequency.
Turnoveris the annualized ratio (in pp) of the sum of #ixsolute dollar changes in the fund's positions tive quarter to the average fund portfolio size¢hiese adjacent
quartersHoldingHorizon(in months) measures the average duration thattthees are held in the fund's portfolio and ietam the FIFO assumption about purchases and sales
(see Lan, Moneta, and Wermers 20H@rding is the correlation (in pp) between the changgsositions of the fund and the changes in positmithe (hypothetical) average
fund in the style, an&tock PickingMarket Timing is the fund performance component attributablstéek selection (market timing) (as in Kacperc2y&n Nieuwerburgh, and
Veldkamp 2014). Panel A shows the main resultsevRéinel B shows how the effects varyRarentsDead-an indicator variable equal to 1 if both the mamag®ther and
mother died before the observation ya#élealthis measured in multiples of the state median ardéfined as in Table 3. The control variables wapkey mutual fund and fund
family characteristics as well as education charastics of the fund manager and his parents. Bxatable definitions are detailed in Appendix 3eTinclusion of Morningstar
fund style fixed effects and time fixed effectdnsgicated at the bottom of the tablestatistics (reported in parentheses) are basestamard errors clustered at fund manager

dk Kk

level.” (", ™) indicates the significance of the coefficientts 10% (5%, 1%) level.

Panel A: Main effects

Turnover Holding Horizon Herding Stock Picking Market Timing
Indep. variables (1) 2) 3 (4) (5) (6) (7) ®) 9) (10)
Wealth -0.6100 -0.6315' 0.8966 0.8615 0.2746 0.2612 -0.0488"  -0.0494" 0.0078 0.0054
(-1.91) (-2.20) (1.76) (1.79) (1.08) (1.05) (-2.72) (-2.93) (0.31) (0.21)
FundSize -1.8683°  -2.1347" -0.0680 0.1528 4.2439"  4.0979" -0.1186"  -0.1106" 0.0048 -0.0046
(-2.27) (-2.95) (-0.08) (0.18) (8.47) (8.40) (-2.55) (-2.35) (0.11) (-0.11)
FundAge -0.0364 0.0441 0.4974 0.4175 0.0341 0.0620 -0.0042 -0.0065 0.0037 0.0043
(-0.21) (0.28) (2.16) (1.96) (0.33) (0.62) (-0.55) (-0.88) (0.46) (0.52)
-0.2656 -0.2239 0.4910" 0.4634 0.1790 0.1980 0.0165 0.0155% 0.0066 0.0079
ManagerTenure (-1.70) (-1.55) (2.02) (1.96) (1.73) (1.93) (2.38) (2.25) (0.87) (1.03)
FirmSize -0.5642 -0.4538 1.2181 1.1055 -0.4203 -0.3792 0.0257 0.0220 -0.1207"  -0.1199
(-0.63) (-0.57) (1.33) (1.28) (-0.72) (-0.66) (0.52) (0.44) (-2.49) (-2.45)
FirmLogNumFunds 4.0281" 3.9514 -5.9871"  -5.9059" -0.0469 -0.0726 -0.0672 -0.0647 0.2027" 0.2020"
(2.23) (2.42) (-3.08) (-3.25) (-0.05) (-0.07) (-0.81) (-0.77) (2.31) (2.29)
UniSATRank -2.3869 -0.6164 12.6310  11.4685 0.8415 0.7179 0.3755 0.3484 -0.1108 -0.1677
(-0.29) (-0.08) (1.46) (1.46) (0.20) (0.17) (1.17) (1.08) (-0.38) (-0.56)
ParentsEdu -0.1573 0.1287 -4.4731 -4.5394 25214 -2.499% 0.0253 0.0219 0.0810 0.0819
(-0.08) (0.08) (-1.54) (-1.65) (-2.36) (-2.43) (0.31) (0.27) (1.00) (1.02)
HasPhD 4.8825 4.4912 -7.2772"  -6.8686" -1.3171 -1.6960 -0.0941 -0.0756 -0.2114 -0.2431
(1.43) (1.43) (-2.96) (-2.74) (-0.58) (-0.73) (-0.45) (-0.35) (-1.02) (-1.16)
Volatility 3.7071" -3.6169" 1.3885" -0.1062" 0.0360
(5.06) (-5.67) (4.40) (-3.10) (0.78)
Skewness 0.0357" -0.0298 -0.0253" -0.0004 -0.0037"
(3.12) (-1.92) (-2.61) (-0.29) (-2.63)
Time F.E. YES YES YES YES YES YES YES YES YES YES
Fund style F.E. YES YES YES YES YES YES YES YES YES YES
Num. obs. 6,499 6,499 8,723 8,723 8,692 8,692 8,440 8,440 8,440 8,440
Adj. R-sq 0.1235 0.1735 0.2488 0.3013 0.2714 0.2791 0.1043 0.1053 0.3524 0.3528
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Panel B: Conditioning on parents' deaths

Turnover Holding Horizon Herding Stock Picking Market Timing

Indep. variables (1) (2) (3) (4) (5) (6) (7) (8) 9) (10)
Wealth -0.3699 -0.2956 -0.8579 -0.9468 0.1677 0.1370 -0.0424 -0.0485 -0.0218 -0.0246

(-0.55) (-0.49) (-1.34) (-1.68) (0.39) (0.32) (-1.14) (-1.35) (-0.54) (-0.63)
ParentsDead 5.0925 4.4883 -7.2997" -6.9527" -2.0029 -1.9759 -0.1669 -0.1470 0.2056 0.2055

(1.53) (1.45) (-2.05) (-2.04) (-0.86) (-0.88) (-1.12) (-1.00) (1.07) (1.10)
Wealth * -0.5337 -0.6858 1.8258 2.0058" 0.3489 0.3281 0.0044 0.0133 0.0321 0.0282
ParentsDead (-0.74) (-1.00) (2.22) (2.42) (0.51) (0.50) (0.11) (0.31) (0.75) (0.67)
Fund controls YES YES YES YES YES YES YES YES YES YES
Manager's controls YES YES YES YES YES YES YES YES YES YES
Parents' controls YES YES YES YES YES YES YES YES YES YES
Vol. and skew controls NO YES NO YES NO YES NO YES NO YES
Time F.E. YES YES YES YES YES YES YES YES YES YES
Fund style F.E. YES YES YES YES YES YES YES YES YES YES
Num. obs. 4,325 4,325 5,726 5,726 5,705 5,705 5,538 5,538 5,538 5,538
Adj. R-sq 0.1318 0.1633 0.2190 0.2584 0.3073 0.3120 0.1123 0.1142 0.3492 0.3499
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Table 6. Promotion and Exit Events

This table shows the linear probability regressiohthe indicators of the managers' promotions @xits on their past performance, their
household wealth in 1940, and the interaction beitwbe twoPromotion, AUM-InferredPromotion, Fee-Inferredis an indicator variable
equal to 1 if the total dollar assets managed byrtfanager (total management fee accruing to theageah more than doubled since the
previous monthExit From Asset Managemeistan indicator variable equal to 1 if the obs@oramonth is the last month for the manager in
the sample; this variable is undefined if the obaton month is December 2012 or if either of thege conditions hold: (i) the manager
appears as either an insurance fund or a hedgenfiandger in Morningstar in the next twelve montierdeaving, or (ii) the manager dies
in the same or next year after leaviPgstGAlphas the average gross monthly alpha (in pp) eabyetie manager over the past 60 months.
Wealthis measured in multiples of the state median andefined as in Table 3VealthHighis an indicator variable equal to 1 if the
manager's family wealth is above the median instivaple. The control variables capture key mutuadi fand fund family characteristics as
well as education characteristics of the fund manand his parents. Exact variable definitionsdatailed in Appendix 3. The inclusion of
Morningstar fund style fixed effects and time fixeflects is indicated at the bottom of the taBlstatistics (reported in parentheses) are
based on standard errors clustered at fund maiaggdr’ (", ™) indicates the significance of the coefficientte 10% (5%, 1%) level.

Promotion, AUM-Inferred Promotion, Fee-Inferred Exit From Asset Management

Indep. variables (1) 2) (3) (4) (5) (6) (7) (8) (9)
PastGAIpha 0.0044° 0.0086° 0.0078 0.0050° 0.0094° 0.0092 -0.0036" -0.0047" -0.0046"
P (2.02) (2.31) (2.21) (2.21) (2.41) (2.48) (-2.78)  (-2.57)  (-2.69)
-0.0003 -0.0003 0.0002
Wealth (-0.81) (-0.95) (0.88)

) -0.0014 -0.0014 0.0019
WealthHigh (-0.86) (-0.84) (2.10)
PastGAlpha * -0.0018" -0.0019" 0.0003
Wealth (-2.11) (-2.20) (0.49)
PastGAlpha * -0.0078" -0.0098" 0.0017
WealthHigh (-2.06) (-2.49) (0.66)
FundSize -0.0001 -0.0001 -0.0001 -0.0003 -0.0004 -0.0003 -0.0007  -0.0007 -0.0007

(-0.19)  (-0.24)  (-0.16) (-0.56)  (-0.68)  (-0.59) (-1.77)  (-1.63)  (-1.62)

FundAge 0.0001  0.0001  0.0001 0.0001 0.0001  0.0001 0.0000 0.0000  0.0000
9 (0.73) (0.71) (0.71) (0.49) (0.49) (0.50) (0.38) (0.38) (0.48)
ManagerTenure -0.0003” -0.0003" -0.0003" -0.0002” -0.0002" -0.0002" 0.0000  0.0000  0.0000
9 (-4.19)  (-3.55)  (-3.46) (-2.92)  (-2.34)  (-2.28) (0.18) (-0.04)  (-0.29)
FirmSize -0.0007 -0.0008 -0.0009 -0.0009 -0.0009 -0.0010 -0.0003 -0.0003 -0.0003
(-1.16)  (-1.22)  (-1.32) (-1.31)  (-1.31)  (-1.41) (-0.62)  (-0.72)  (-0.62)

FirmLoaNumFunds 0.0035 0.0036° 0.0037 0.0041" 0.0042" 0.0043" 0.0026" 0.0025" 0.0024"
9 (2.48) (2.48) (2.48) (2.80) (2.75) (2.74) (3.29) (3.15) (3.11)
Volatilit 0.0000 0.0000  0.0000 0.0001  0.0001  0.0002 -0.0003 -0.0003 -0.0003
y (-0.13)  (-0.08) (0.14) (0.19) (0.27) (0.50) (-0.98)  (-1.00)  (-1.13)
Skewness 0.0000 0.0000  0.0000 0.0000 0.0000  0.0000 0.0000 0.0000  0.0000
(1.47) (1.42) (1.42) (1.28) (1.14) (1.13) (0.36) (0.10) (0.12)

UniSATRank 0.0023 0.0030  0.0031 0.0049 0.0055  0.0056 0.0015  0.0007 -0.0001
(0.77) (0.89) (0.87) (1.52) (1.56) (1.46) (0.50) (0.22) (-0.02)

ParentsEdu 0.0002 0.0004  0.0006 0.0004 0.0006  0.0007 -0.0003 -0.0006 -0.0008
(0.16) (0.32) (0.41) (0.31) (0.44) (0.53) (-0.38)  (-0.83)  (-1.08)

HasPhD -0.0026 -0.0030  -0.0033 -0.0008 -0.0013 -0.0015 -0.0046" -0.0042" -0.0036"
(-1.59)  (-1.66)  (-1.70) (-0.40)  (-0.60)  (-0.66) (-2.93) (-2.67) (-2.23)
Time F.E. YES YES YES YES YES YES YES YES YES
Fund style F.E. YES YES YES YES YES YES YES YES YES

Num. obs. 41,026 40,218 40,218 41,026 40,218 40,218 37,503 36,825 36,825

Adj. R-sq 0.0054 0.0058 0.0060 0.0047 0.0050 0.0054 0.0012 0.0013 0.0015
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Table 7. Flows

This table shows the regressions of monthly flomts ithe fund on the manager's household wealtt®#0 Jand the fund past
performance. The flow (in pp) is computed as th#addlow (the difference between the end-of-quarfitnd TNA and the
previous-quarter fund TNA multiplied by one plug thross return of the fund over the quarter) dididg the previous-quarter
fund TNA. Wealthis measured in multiples of the state median ardkfined as in Table PastAlphais the fund's average net
monthly alpha (in pp) over the past 36 monfPastAlphaLow(PastAlphaHigh is equal toPastAlpha if PastAlphais negative
(positive), and 0 otherwise. The control varialdapture key mutual fund and fund family charactiessas well as education
characteristics of the fund manager and his parémact variable definitions are detailed in Appen8. The inclusion of
Morningstar fund style fixed effects and time fixeffects is indicated at the bottom of the tablestatistics (reported in
parentheses) are based on standard errors clusteiet manager level.(”, ™) indicates the significance of the coefficient at
the 10% (5%, 1%) level.

Indep. variables Q) 2) 3) (4) (5)
Wealth -0.0555 -0.0286 -0.0275 -0.0368 -0.0136
(-1.94) (-1.03) (-1.00) (-1.29) (-0.35)
2.5259" 2.7627"
PastAlpha (10.56) (7.21)
-0.1024
*
PastAlpha * Wealth (-0.98)
PastAlphal.ow 1.4578" 1.4386"
P (5.86) (3.25)
. 3.3648" 3.6939"
PastAlphaHigh (7.22) (4.86)
0.0098
*
PastAlphalow * Wealth (0.07)
. -0.1509
*
PastAlphaHigh * Wealth (-0.72)
FundSize -0.2892"  -0.2982"  -0.2741" -0.2997"  -0.2746"
(-3.62) (-3.68) (-3.50) (-3.66) (-3.47)
FundAge -0.0633"  -0.0462" -0.0422" -0.0457" -0.0421"
9 (-5.94) (-4.73) (-4.32) (-4.68) (-4.30)
ManagerTenure 0.0080 0.0017 0.0038 0.0023 0.0043
9 (0.73) (0.18) (0.40) (0.23) (0.45)
FirmSize 0.4478"  0.4006"  0.3852"  0.4009"  0.3857"
(4.87) (4.55) (4.47) (4.53) (4.44)

-0.8208" -0.6980" -0.6722" -0.6996" -0.6742"
(-4.77) (-4.51) (-4.42) (-4.50) (-4.40)

-0.0368 0.0244 -0.0211 0.0241 -0.0200

FirmLogNumFunds

Volatllity (-0.65)  (0.44)  (-037)  (0.43)  (-0.35)
Skewness 00028 00020 00018 00020  0.0018
(1.71) (1.35) (1.21) (1.35) (1.22)

. -0.8459  -1.0209 -0.9901  -1.0190 -0.9800
UniSATRank (-156)  (-1.93)  (-1.89)  (-1.93)  (-1.88)
parentsEdu 00161  -0.0348  -0.0310  -0.0329  -0.0274

(-0.14)  (030)  (-0.27)  (029)  (-0.24)
HasPhD 04297 02233 02632 02164  0.2511

(1.19) (0.68) (0.80) (0.65) (0.76)
Time F.E. YES YES YES YES YES
Fund style F.E. YES YES YES YES YES
Num. obs. 40334 39,776 39,776 39,776 39,776
Adj. R-sq 00121 00337 00352 00338  0.0353
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Table 8. College Tuition as A Proxy for Wealth

This table shows the relationship between fundalplefined as in Table 3) and the tuition chargethk manager's undergraduate institution. Thisyaisaincludes all managers
for whom the education data are available, inclgdiranagers born after 1945. Columns 7-10 showe$ts in the subsamples split by the managerisofdarth. UniTuition
(UniTuitionRank is the 2004 undergraduate in-state tuition inGp@Be percentile rank of this tuition) of the mgaes undergraduate institution. The control vdestcapture
key mutual fund and fund family characteristicangdl as education characteristics of the fund managxact variable definitions are detailed in Apgi& 3. The inclusion of
Morningstar fund style fixed effects and time fixeffects is indicated at the bottom of the tablstatistics (reported in parentheses) are basetiamdard errors clustered at fund
manager level. (", ™) indicates the significance of the coefficienttat 10% (5%, 1%) level.

Entire sample Birth year < 1960 Birth year 1960
Indep. variables 1) ) (3) (4) (5) (6) ) ®) (9) (10)
UniTuition -0.0008 -0.0007  -0.0010" -0.0005 -0.0016"
(-1.84) (-1.46) (-2.13) (-0.99) (-2.02)
UniTuitionRank -0.0546"  -0.0455  -0.0588" -0.0544" -0.0602
(-3.01) (-2.30) (-3.23) (-2.47) (-1.79)
FundSize -0.0194"  -0.0195"  -0.0194" -0.0195" -0.0196" -0.0195" -0.0233"  -0.0234" -0.0134"  -0.0135"
(-5.79) (-5.84) (-5.77) (-5.83) (-5.87) (-5.81) (-5.17) (-5.20) (-2.67) (-2.69)
FundAge -0.0003 -0.0003 -0.0004 -0.0003 -0.0003 -0.0004 -0.0007 -0.0007 -0.0004 -0.0004
9 (-0.57) (-0.58) (-0.74) (-0.56) (-0.58) (-0.73) (-0.87) (-0.84) (-0.50) (-0.51)
ManagerTenure 0.0011 0.0008 0.0011 0.0010 0.0008 0.0011 0.0019" 0.0019 0.0001 0.0002
9 (1.35) (1.07) (1.41) (1.32) (1.04) (1.39) (2.02) (1.96) (0.03) (0.08)
FirmSize 0.0191"  0.0206° 0.0190" 0.0190° 0.0205°  0.0188" 0.0273"  0.0269" 0.0001 0.0003
(4.34) (4.65) (4.27) (4.30) (4.62) (4.23) (4.75) (4.69) (0.02) (0.05)
FirmLogNumFunds -0.0237"  -0.0248"  -0.0240" -0.0228" -0.0239" -0.0231" -0.0435"  -0.0423" 0.0175 0.0177
9 (-2.75) (-2.87) (-2.76) (-2.65) (-2.77) (-2.66) (-4.03) (-3.92) (1.19) (1.20)
Volatilit -0.0457"  -0.0471"  -0.0447"  -0.0456"  -0.0470" -0.0446" -0.0425"  -0.0423" -0.0481"  -0.0481"
y (-9.13) (-9.46) (-8.88) (-9.12) (-9.45) (-8.86) (-8.08) (-8.03) (-5.13) (-5.12)
SKewness 0.0003" 0.0004™ 0.0004" 0.0003" 0.0004™ 0.0004" 0.0005™ 0.0005™ 0.0002 0.0002
(2.44) (2.67) (2.49) (2.40) (2.65) (2.45) (3.41) (3.35) (0.45) (0.45)
UniSATRank 0.1285" 0.1271" 0.1601" 0.1575" 0.1244™ 0.1668" 0.1201 0.1191
(3.35) (3.29) (4.03) (3.94) (2.71) (3.60) (1.72) (1.58)
. o -0.0726" -0.0876"
UniAdmissionRate (-3.15) (-3.61)
HasPhD 0.0118 0.0114 0.0125 0.0113 0.0004 0.0068
(0.61) (0.58) (0.62) (0.56) (0.01) (0.08)
Time F.E. YES YES YES YES YES YES YES YES YES YES
Fund style F.E. YES YES YES YES YES YES YES YES YES YES
Num. obs. 194,901 198,432 190,020 194,901 198,432 190,020 123,410 123,410 66,155 66,155
Adj. R-sq 0.0135 0.0136 0.0137 0.0135 0.0136 0.0137 0.0129 0.0129 0.0164 0.0164
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